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Abstract: This paper presents developments of 1) the digital speech corpus of Tohoku dialect folktales and 2)
machine learning-based automatic speech restoration. In order to prevent the dissipation and deterioration of
historical audio stored on analog recording media, digitization and restoration of the audio is an urgent issue.
This paper reports the results of digitization, annotation, and restoration of the folktales collected mainly in
Miyagi and Iwate prefectures from the 1950s to the 1980s. The speech corpus is open-sourced, including the
annotation results and the speech restoration technique.
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Figure 1: Moldy open-reel tapes.
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Table 1: Example of dialect transcription.
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Figure 2: Self-supervised speech remastering [13].
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Table 2: Contents of digitized speech materials.
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Table 3: Contents of annotated materials.
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Figure 3: Spectrograms before (above) and after
(below) speech restoration.
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Table 4: Annotated folktales (female speaker)
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Table 5: Annotated folktales (male speaker)
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Table 6: Transcribed dialect text (““Yoshino no
Ishiotoshi” by female speaker)
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Table 7: Transcribed dialect text (“Zatoh no bou ga
ido ni haitta hanashi”)
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