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4: t =40 FTAN LB OEEFEIC L 2K 7 5 A0 FMTH3 2 FHIFI. ERE x HIOEKIEIX 2 1283 5.

T 1LHEEFFELR—X54 02t =208 t =40 FTAN
L7=%& P ECE.
Model t=20 t=40

Ours 0.902 0.812
Baseline 0.764 0.868
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