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On the practical application of machine learning in the library 
Focusing on the functional modification of the next digital library and the release of new datasets 

Toru Aoike (National Diet Library) 
Abstract: When attempting to improve services by applying machine learning to the digitized materials held 
by the National Diet Library (NDL), it is important to consider the preparation of data sets based on a design 
that takes into account the effectiveness and construction cost to realize aimed functions. It is also necessary 
to pay attention to the coordination of existing large-scale data resources and machine learning algorithms in 
the field of image recognition, which has made remarkable progress in recent years. In this paper, we discuss 
the design concept and effectiveness of two newly released datasets (image tagging dataset NDL-ImageLabel 
and OCR one-line dataset) and, as an actual case study, introduce how they are playing a role both in the in-
house technical renovation of the Next Digital Library, which is scheduled to be released to the public at the 
end of the FY2021, and in the technical investigation for new library services. The datasets and the machine 
learning models discussed in this paper are available on GitHub repository of NDL Labs 
(https://github.com/ndl-lab/). 
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