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A Criminal Detection of Mystery Novel Using the Graph
Convolutional Network
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Abstract: The interpretability problem, where even experts cannot explain the reasoning process of machine learning, has garnered
considerable attention recently. Knowledge Graph Reasoning Challenge 2018, a contest concentrating on interpretability, was
conducted in Tokyo. A previous study proposed a method based on word embedding to understand the meaning of the word in the
novel. However, the method resulted in ignoring the flow of events. In this study, the graph structure is learned by Graph
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Convolutional Network, and we explain the important connections on graph by layer-wise relevance propagation.
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