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DSADS[21]

Cycling (exercise bike,

Rowing,

Sitting, Standing, Lying (back), Lying (right), StairsUp,
StairsDown, Standing (elevator, still), Moving (elevator), Walking
(parking), Walking (treadmill, flat), Walking (treadmill, slope),
Running (treadmill), Exercising (stepper), Exercising (cross trainer),
vertical), Cycling (exercise bike, horizontal),

13 Jumping, Playing Basketball

MHEALTH[22]

Standing, Sitting, Lying Down, Walking, Stairs Up,
Waist Bends Forward, Frontal Elevation Arms, Knees Kending,

Cycling,

Jogging, Running

RealDisp[23]

Walking, Jogging, Running, Jump up, Jump front & back, Jump sideways,
Jump leg/arms open/closed, Jump rope, Trunk twist (arms outstretched),
Trunk twist (elbows bent), Waist bends forward, Waist rotation,
Waist bends (reach foot with opposite hand), Reach heels backwards,
Lateral bend (10 to the left + 10 to the right),

Lateral bend with arm up (10 to the left + 10 to the right) ,
Repetitive forward stretching, Upper trunk and lower body opposite twist,
Lateral elevation of arms, Frontal elevation of arms, Frontal hand claps,
Frontal crossing of arms, Shoulders high-amplitude rotation,
Shoulders low-amplitude rotation, Arms inner rotation
, Knees (alternating) to the breast, Heels (alternating) to the backside,
Knees bending (crouching), Knees (alternating) bending forward,

Rotation on the knees, Rowing, Elliptical bike, Cycling

carrying, checking_time, closing, crouching, entering, exiting, fall, jumping,

MMACT[24]
kicking, loitering, looking_around, opening, picking_up, pointing
Standing, Walking, Running, Sitting, StairsUp, StairsDown, Bicycling,
CSLab|[25] BrushingTeeth, WashingDishes, UsingPC, DrawingWhiteboard,
WritingNotebook, PlayPingpong, Vacuuming
BEBEOA TR ARED 2 20FMr 6B on 7 —&
4. FHERER RS 5.
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FT®H % UCI daily and sports dataset (DSADS) [21],
MHEALTH datasets (MHEALTH)[22], RealDisp datasets
(RealDisp)[23], MMACT dataset (MMACT)[24], CSLab
dataset (CSLab)[25] 23 2. 1212, ZhbH5
DOT =Rty hOBMBLATES 7 A %R
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Mo 5. Al EENCED M s ERE L VY0 5
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FRLE. £/, Aliz EHoFMN»oB N7 —2%
RS 5.

MHEALTH 7 —4& %t v M Standing, Sitting, Lying
Down, Walking, Stairs Up 72 &' ® 12 DITEIZ T X5 5
2, ZD>5 5D Jump Front Back 1, 7 — X B+ T
B0 T2l DS EIOEBTIEFA LR o7, 10 NOWHER

Standing,
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RealDisp 7 — &t v & Walking, Jogging, Running,
Jump up, Jump front & back, Jump sideways 72 & D 33
DITEN S 7 A 5755, 1T NOHERET, %27 7 ADT—
EPTIICFIEL R 13 N2 T 5. £/, ATl A
KERDERRI 2 G BT T — X 2 EHT 5.
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D575, 1T NOWREH, %277 2ADF =X+
FELE 13 ANEHEHAT 2. £72, HRF v MTARER
~— b7k Y ABICOT AT x v F BN
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Sitting, StairsUp, StairsDown 72 ¥ @D 14 OITH|Z T Z»
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ETHLPERE 40 NS 5. £/, AR AR
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: \Pn:d\nsd label
Accuracy = 0.603 .
Precision = 0.864 Precision = 0.826 Precision = 0.696 Precision = 0.590 Precision = 0.879 Precision = 0.824 Precision = 0.634 Precision = 0.419

Recall  =0.956 Recall  =0.901 Recall =0.873 Recall =0.794 Recall  =0.920 Recall ~ =0.794 Recall  =0.573 Recall = 0.460
F1Score =0.908 F1Score =0.862 F1Score =0.774 F1 Score =0.677 F1Score =0.899 F1Score =0.809 F1Score =0.602 F1Score =0.438
* YAN -y
E 5 DSADS 2 fE5 kR X 8 MMACT 2 fE5HHEER

2500

Predi Predicted label Pre label pred Prec Pre
Accuracy = 0.693 Accuracy = 0.702 Accuracy = 0.766 Accuracy = 0.867 2 Accur .646 Accuracy O 729
Precision = 0.845 Precision = 0.692 Precision = 0.594 Precision = 0.745 Precision = 0.803 Precision = 0.775 Precision = 0.550 Precision = 0.443
Recall  =0.640 Recall =0.727 Recall  =0.659 Recall  =0.452 Recall  =0.977 Recall ~ =0.813 Recall  =0.831 Recall  =0.659
F1 Score =0.728 F1 Score =0.709 F1Score = 0.625 F1 Score =0.563 F1Score =0.882 F1Score =0.794 F1Score =0.661 F1 Score =0.530
. S K ks
6 MHEALTH 2 {58558 9 CSLab 2 {7 JHHER

tD2r 5 2D Precision "EEr 3. I T, BELZZE
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:/;;:uracy=o.;;; B Accur;cy= 0724 aA”ccuracy:OAGO‘lﬁ ° Accuracy=0.72“.; TWB b, U, BESAKRE CHET 20%
0o el 0w et o nesn oms  PHITAED, MEASLTHAET22EFHT 51E

Aaemtoms DiwmToms MenTem MRS SREDEBTHILDEERS. WA 005 0L ED
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