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#* 1 DGX-1 O

GPU 8X NVIDIA®) Tesla® V100, 16GB
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DRAM | 512 GB 2,133 MHz DDR4 RDIMM
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Host OS Ubuntu 18.04.4 LTS
Docker 19.03.15, build 99e3ed8919
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CUDA 11.0

GCC 7.5.0
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PyTorch 1.7.14cull0
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F4 FHALESI 77—y b

T—Xty M THRE Ty | FEER | 7L
ogbn-arxiv 169,343 1,166,243 128 40
ogbn-mag 1,939,743 | 21,111,007 128 349
ogbn-products | 2,449,029 | 61,859,140 100 47
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Model Performance (dataset: ogbn-arxiv)
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GNN 7V 1s 2's 5s 10 s Final
GCN 62.4% | 67.2% | 68.0% | 67.9% | 70.3%
GraphSAGE | 62.6% | 65.4% | 67.5% | 69.0% | 69.8%
SGC 55.4% | 61.7% | 66.0% | 67.7% | 68.8%
GAT 27.2% | 51.1% | 64.2% | 67.3% | 70.0%
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Model Performance (dataset: oghbn-mag)
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Model Performance (dataset: ogbn-products)
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Model Performance
(dataset: ogbn-mag, model: sage)
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Model Performance
(dataset: ogbn-arxiv, model: sage)
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Model Performance by Hidden Layers
(dataset: ogbn-arxiv), model: sgc
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