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A Face Image Scoring Method for 3D Face Reconstruction of
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Abstract: This paper describes a face image scoring method for 3D face reconstruction. The needs for 3D face reconstruction is
increasing in various fields, such as face recognition systems. However, the accuracy of extracting 3D face information is greatly
affected by the orientation of the face, the lighting environment, facial expressions, and so on. Therefore, by scoring the images in
the video for 3D face reconstruction from various viewpoints such as the orientation of the face, we thought that we could extract
the best images and utilize the 3D model of the face in various scenes. In this study, as a first step, we designed a method to generate
a scoring model by machine learning using a dataset, focusing on the orientation of the face. By evaluating the generated scoring
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model, we discuss how to extract the most suitable face image for 3D face reconstruction.
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Fig.1 Example of 3D reconstruction for each face orientation from PRNet
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Fig.2 Calculation method of the evaluation criteria
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Fig.5 Value in evaluation functions of scoring model
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Table. 1 Evaluation of Model from surveillance camera
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Fig, 6 Evaluation results of bestshot detection
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