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Abstract: Twitter’s user recommendation system is likely to focus on prediction accuracy, which tends to
recommend users matching with people’s profiles. However, such a recommendation system can hardly pro-
vide users with high satisfaction because they can likely already know such a recommended user or easily
find him or her by themselves. In this paper, assuming that some interests appear in nouns extracted from
the user’s Timeline, we propose a serendipity-oriented user recommendation scheme to predict serendipitous
users that are both unexpected and useful to the user by estimating “user’s attracting interests”. The
evaluation experiment shows not only that user’s interests can be estimated based on nouns extracted from
user’s tweets, but also that serendipitous users can be found by the proposed scheme and the performance
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Evaluation on a Serendipitous User Recommendation Method for

measure on serendipity can be improved compared to the Twitter’s user recommendation system.
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A

BRHA BEHB BRHC BMHD BRHE BRHF BRHG
[= eererit 4 3 5 8 i3 6 1
= 9 20 9 17 16 19 18

BRHH
4

3 BAMEZRU 2BEDI—Y

A

BREA BBEB BREC BMED BREE BBEF BREG BREH
[= e 1 1 1 1 6 4 12 16
B 12 10 16 3 1 12 12 13

4 BELHDHDZBEDLI—Y

RY. X5, RS IZBWT, ELYTFAETF s ha—
YD LD BEAGIZBE L Taing 2 R g LR
#5177

1
08
06

04

Serendipity_Ge

02

I
BN BBHB BBAC BRHD BRHE BBAF BRHG BURHH

|' HEF 01 01 015 01 03 01 0.25 01
|' WRFE 02 05 03 015 0.55 055 05 0.15

5 FHWEVANMINTIEL YT T+ Ra—VFOHG

K5 LLYFAET 12—V OHAICHT LEHER

SEYgME | REME(RZE | ThOuE | AERER p (HD
i F ik 0.15 0.08 0.1 0.006
REFIE | 0.3625 0.18 0.4
3.6 EX

EEAERIZL > T, TRTORBDVEILL T VDB Z A
@AEINntz, BT, EBRRERIZOWTERET 5.
FLIZRENTVWD & H1Z, Timeline 75 3500 {4 H
LTH, S AOBWEREZD S B 5 ADFIF L 72 retweet 13 200
HRETHEZeDbh otz Zhicky, —Hoa—
WHEMIZY YA = MU TWRWARELRDHZ EEZ 5N
5728, retweet nHHE I NBELNTHERD AIZHEH
THL, LLVYTA T hBEDI-YE+HICHET
SRWAREMED D B, L7722 o T, BELAH D T 5 Ak
BREALZDOIISERD -2 EZL5NS.
F2ITREINTWS L S1Z, 1-hop 2—HFDhTHrY Z
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x4 HEE SN A OWIKICIET 2 AR
g | MRS EE () BLbiH 5 BIis % kDG (%)
Mosb (E) | HozL (5
A 19 15 4 78.9%
B 15 11 4 73.3%
C 13 12 1 92.3%
D 20 16 4 80.0%
E 20 18 2 90.0%
F 20 17 3 85.0%
G 20 14 6 70.0%
H 20 13 7 65.0%
Al

s haBuk () | Bhudbd () | BozL (6) | BEosssikods (%)

IR 18.375 14.5 3.875 78.91%

LTWba—HDHD2EEGDEIHEIL 42.23%TH 5.
Z®D &S5z, Timeline ZHTE S 2 —FDOAEIZZEN
IFEEL LW, RERTIE, SHBREZELMLTVS
-3V A VEMEIRE» 03 KETH-7. £z,
EIIWRENTWVWB ES1Z, 2-hop 2—FDhhs,
T3 1485 AP SREFEIZEZ LUV TF A VT 1 BE
SI—YRHEINT WS, 2-hop =T DAL 2
Wzo, L VT4 BT 1 IZETAMREICEWEELR D B,
2ZTC, ZOZODMEERETNL, LT AT«
WZBET MR E M EINEEEZSNS.

FAITRINTVWS ESIZ, HEINBEBRER S DM
RO H TR B 2 PR O E G OEAEIL 78.91% TH 5.
ZD7=H, T—H D Timeline > S5 U 72 LFI2EO W
T, TF-IDF 2T, HEOQEIRAHETETWE LE
Zbb.

K3 e 4I1ZRINTVWE X D1Z, BEFIRIZX - THE
EINEI—FOHTHBREIZL > TELYH S -V
gy 257 L E 03wk e iz, BiEE2EL 5
I—HPPREIZEL R TWE I ENRSNDD, &t
VYT AT Ra—YIZRdblITldawnw. 22T, #
IZEAERE EXREDREL YT VT4 - DR
Rz UT, BiCizhnweEX o605, £/, K5ILR
INTVWDE LI, BEBREHEIIRLT, BEFIHRIZEL-T
WHEINIBEOI—TOFRTEL YT AT 12—
DEDBEGITHIRY ATF LA LD EL moTWVWE I A
EY R

FHIZRINTWB LT, BEFEICLOHEINS
I—HFOFT, LT AT RI-—FDOEHDIEEGD
ML 0.3625 TH D, ZOFEHEOEKRE LT, & %
X, BEREIZ 20 NEHEET 258612, 7.25 AL YT«
V5 hpEd1—YThireRDENS. 7z, Piao 5
DS [12] T, Twitter 2812 3 DOHE HiL%E E
U, X4 2T, #lrE 3 NiczhEThHEE S N7z 40
ok 2 HEE L, HEELT, ¥y T ET 1 2
BROEISDOEYIEIL 3 DD AETENETN 0.092, 0.163,
0125 THEZ N RINTWS., ZHIZE T, Kifige
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DIRETFIEL Piao SOFEIO L YT BT 4 1ZHT
LMRED E L B L ARD SN, AEDREFIEIZE T,
YL UTFTA T hBEDI-—TE2LDEHMETEE L
ZEzond. mEIC, BEFIRIHRFELOEZL YT
YT 1 32— OEIGIZBT 2 il O ¥4 & rf S fE o i
FREL BB ZEeDRoNE. X517, MNIcDH 5 T HME
ERWWTHGE U751, AEEMRO 517k (p<0.01). %
Z T, Twitter DBEDI—F VAT LIDEL VT4 ¥
TAIZETAMRENELS B EEZOND.

4. BBbHYIC

WES AT LIBWTIE, FRIOERHSDAORETH
5V VT4 T4 BT IHEND D720, REIFET
I, Twitter IZBWT, W7 4 VR ) UV TIZEONT, 2
FUl-a—V2EESAT 20K EHEL, 22—V LU
TWAEAR T AT =L TWVWEaA—HDHhT, Z0Ok5 7%
% F o1 —HF 2L UTFAETF 1 DHEI—F L L
THEET 5. #laE 8 NI U CTEREERL, 2—F D
Timeline 7 Sl U 7= &3O W, TF-IDF 2\,
HEDOEIKZHEETETWEEITTIIRL, BEFRICK
DELYTAET A RBEDI—FERRATELI LR
ANz, X5, Twitter DBEDI—F T ATFL & D&
VYT 4 ET 1 BT AMENEL B Z e RENT.

LSIE, AP IO EMLTWEAZFERT 572012,
BA—YLRRETIHWOTT, SEL UTER LIV
ULTWBEHETH BN E S haYHT 2 FIEE U7 B
T, 2—¥RT7ra—LTWABA (1-hop) IZHIBEEY, &
DIRWHIFCaA—Y LU TWE AEHET S Z & 2
AD.
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