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An evaluation method for classification of security reports using a
Semi-supervised Topic Model

SUGIMOTO KENTA™!' OSADA YUKI"' TAKITA MAKOTO?
FURUMOTO KEISUKE™ SHIRAISHI YOSHIAKIT! TAKAHASHI TAKESHI'?
MOHRI MASAMI™ TAKANO YASUHIRO' MORII MASAKATU'!

Abstract: Although security reports are useful in responding to security incidents according to each organization, the number of
security reports is increasing, and it is not easy to find information related to each organization. Furthermore, a quantitative
evaluation method for the classification performance of security reports has not been determined. In this paper, we aim to
quantitatively evaluate the classification performance of security reports using a semi-supervised topic model. As a case study, we
calculate the F value for each seed word using the results of clustering using LDA and SeededLDA. As a result, we show that the

Vol.2020-SPT-36 No.44

2020/3/3

F value was effective when evaluating the results of document classification using a semi-supervised topic model.
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