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Handwriting Analysis Using Machine Learning

Kenta Ooi!"!  Makoto Sugita'

Abstract: Since the results of handwriting appraisal are important evidence in court judgment, it is important for experts with
experience and knowledge to expertise. However, in Japan it is not necessary to qualify for identifying a handwriting expert. As a
result, the situation that the appraisal result is largely influenced by the reliability of the handwriting expert witness has occurred.
I thought that it would be good if we could extract features useful for handwriting experts without using expert knowledge.
Therefore, we conducted an author identification experiment using machine learning and investigated whether extracted features
can be used for handwriting expertise. In this paper, we conducted a writer identification experiment using a convolution neural
network (CNN), which has already gathered handwriting as an image and has already been confirmed valid for image recognition.
Experiments using CNN model showed that feature extraction which is not influenced by reliability of handwriting experts is
possible.
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