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Figure 11 Accuracy of Data Growth in Conventional Method
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Table 7 Average of Accuracy for Each Set of Data
150 300 450 600 750 900
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Figure 13 Change of Prediction Error V values
in Conventional Method
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Figure 14 Change of Prediction Error V values
in Proposal Method
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Figure 15 Generalization Error V values of Data Growth

in Conventional Method
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Figure 16 Generalization Error V values of Data Growth

in Proposal Method
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A.3V and S Values in The Number of Each Feature

BligRE RLRE
El#RER2=: V | 600-700 | 700-800 | 800-900 JA{EERZE:V | 600-700 | 700-800 | 800-900
150 28.49 37.82 46.07 150 267.36 | 206.05 | 121.34
300 19.51 27.57 49.75 300 254.23 | 130.78 | 68.24
v 600 13.87 15.71 23.95 600 61.88 70.94 83.20
1050 6.63 10.57 14.13 1050 86.61 48.67 15.48
1650 6.39 23.32 11.19 1650 73.71 49.29 21.14
EI#RER2=: S | 600-700 | 700-800 | 800-900 A{LERZE: S | 600-700 | 700-800 | 800-900
150 1.45 1.59 2.25 150 12.38 2.74 4.94
300 0.31 0.84 4.17 300 16.07 4.60 7.1
S 600 0.10 0.66 1.056 600 3.07 4.81 5.60
1050 0.30 0.59 0.48 1050 3.05 4.68 1.46
1650 0.45 4.35 0.08 1650 3.24 7.10 3.81
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