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Growth Analysis of Purchasing Behaviors Based on Triad Transition
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Abstract: Recent years, a huge data of customer purchase history has become available with the expansion
of online shopping. We tried to extract typical relationship of items with the focus on the structure of triads.
In this paper, we propose a method to analyze the growth of the graph, focusing on the transition of the
triad structure and maintenance of that structure. We applied to proposal method to datasets of the actual
online shopping site. As a result, even in same item category, it found that there are differences in transition
pattern of the triad structure and the time period maintained.
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Fig. 1 Relationship of items based on purchasing behaviors.
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Fig. 12 Z-score of transition pattern by community (partially

excerpted).
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Fig. 14 Visualization of network (partially excerpted).
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