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0 1: KITTI Depth Completion D OO0 O00O00O0O
Table 1 Result of KITTI Depth Completion Benchmark

Method Input RMSE[mm] MAE[mm]
below on Test Set
Ma et al. [15] rgbd  814.73 249.95
Jaritz et al. [12] rgbd  917.64 234.81
Huang et al. [11] d 937.48 258.48
Ma et al. (w/o gt) [15] rgbd 1299.85 350.32
Chodosh et al. [14] d 1325.37 439.48
Urig et al. [1] d 1601.33 481.27
below on Validation Set
Ma et al. [15] rghd 878.56 260.90
Ma et al. (w/o gt) [15] rgbd 1384.85 358.92
Ours rgbd 1649.70 398.01
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Fig. 1 From the top, image I, depth V, disparity predictionD, mask M, result U, error
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