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A-B 05.21% | 92.64% | 92.32% 1.77%
B-C 96.51% | 99.07% | 99.12% 6.09%
C-D 98.52% | 98.62% | 98.52% 1.58%
D-E 93.94% | 93.35% | 93.23% 5.26%
E-F 97.55% | 98.59% | 98.62% 3.52%
F-G 98.68% | 99.13% | 99.24% 1.78%
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J-K 08.86% | 98.95% | 98.80% 1.23%
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