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Analysis of Cluster Change in Dynamic Clustering
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Ca | Cp | Coz | Cou | Cos
Cii |06 |02 [01 [0 [o1
Co 03 [o7 [0 [o o

R3 AMRICBFIZT—XET IV
Table 3 Data model in this study

Wit OF — X% Dy = {di1,dio, . din}
Wt D7 FAXELE Ty ={Ci1,Cra, ..., Cox}
lig 7= R dpg DT —RXF X)L

Ly 77ARCpp lZBENDT —RTNIVES

F4 I ARBADEAE

Table 4 Backward analysis of cluster change
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Table 5 Example of cluster matching rate of I'y and I';(Backward)
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Fig.3 Cluster change by MONIC(Forward analysis)
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Fig. 6 Cluster changes by forward analy31s
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Fig.7 Cluster changes by backward analysis
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Fig. 8 Cluster change by forward analysis using x-means method
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