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A Study of Multi-View Motion Capture System
Based on Physical Features

KENTO YAMAZAKI! HIRONOBU ABE?

Abstract: This paper describes multi-view motion capture system. Recently, it is easy to convert digital
data from the human or object motion, since a motion capture at a low edition was released. However almost
this motion capture has a single-view so that its range area is limited. For example it cannot capture the
motion when human is covered the object. In this study, we proposed the multi-view motion capture system
which define of the credibility based on physical features, and integrate of each coordinate value based on its
credibility.
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Fig. 1 Image of optical motion capture
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Fig. 2 Range of joint motion
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Fig. 3 Coordinates
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Fig. 4 Length between joins
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Fig. 6 Equipment and network configuration

Kinect2

(© 2019 Information Processing Society of Japan

Vol.2019-GN-106 No.52
Vol.2019-CDS-24 No.52
Vol.2019-DCC-21 No.52

2019/1/25

DIF D DHEFTFH U 728 RIGEVE#Z R L TW5. L
Mo THBHOEREZFAET 5 & &1, HETFHIRERIC
FEVWHDILEZZBEESHAELTVWE I L hbhb.
U7zhio THEBGLR D O T S W - BIEE IR REFIE%
AnwsZeTHELEZEVWRS.

4.4 #E

BEREAPOE—VaveEFry TFYyTHI212&0T
FEREDHEEREE D H LT 5 Z e bhr otz RKEBRTIX
HATFHANZ Kinect Z AW T BIZD AT o7z, BHFIE
I, ZOHEFFHIFERICEGET 5720, ZOFEFEHITHR
EREUGE, Mo EMR LS. LzA-T, &
D EREEICENGT A2BENH D Lhbh oz,

5. BHYIC

ARTIRESESIZEE2E—YarvFy TFy - VAT
LDIZDOVWTRRz, BREAEDE—YavdF vy 7F v 2
7, HELUEEEZRETIHLERHS. MAETHIC
H1z> T ANDEKNFEZIEP U EHE2EHRTHI L
WL TEBEILRET 2FIEICODWTRET L 7.

ARIZBWTIE TBEfiORES ] OAZELR - FHiliL 7=,
Sy TRBEfio e ©32%% - fHiiL, fhoFikeo
HB i 2475 FETH L. FERE—VarFy 7
F X2 &L OIRFHH 4TS .

SE

1] M E—vavde 7F v, BEEEAT 7 2a0%,
Vol. 63, No. 9, pp. 1224 - 1227, 2009.

[2] J. Shotton, T. Sharp, A. Kipman, A. Fitzgibbon, M.
Finocchio, A. Blake, M. Cook, R. Moore: Real-time hu-
man pose recognition in parts from single depth images,
Comm. of the ACM, Vol. 56, No. 4, pp. 116 - 124, 2013.

[3] Z.Cao, T. Simon, S. Wei, and Y. Sheikh: Realtime multi-
person 2d pose estimation using part affinity, Proc. IEEE
Conf. on Computer Vison and Pattern Recognition, pp.
1302 — 1310, 2017.

[4] AR, =¥, WH : E58 Kinect R — VIR zMAGHLE
REREE—Yarydy TF v VAT LAOME, HHLE
T 75 Bl E ARG SCE, 6ZB-2, pp. 219 - 220,
2013.

[b] =, K, HH: HEE D Kinect Z W/ E—Y 3 v
Xy 7F Y DER, HAI VVRY T4, G-22, 2016.

[6] P.J. Besl and N. D. Mckya: Amethod for registration of
3-D shapes, IEEE Trans. Pattern Analysis and Machine
Intelligence, Vol. 14, No. 2, pp. 239 — 256, 1992.



£ L 25 5 T 50 80 Vol.2019-GN-106 No.52
RHRALIR S 2B T Vol.2019-CDS-24 No.52

IPSJ SIG Technical Report Vo0l.2019-DCC-21 No.52
2019/1/25

Kinect 138 /M M B Kinect 248 R D R Kinect 18R RICEBLI- R B

7 ¥y VT L—va ViR
Fig. 7 Calibration

(a) BELHT

M8 E—vavFy7Fvy VAT LA B 9: SHATFHIRS R
Fig. 8 Motion capture system Fig. 9 Pre-measurement
540 540
520 520
__ 500 500
E 480 E 480
m& 460 m& 460
440 440
420 420
400 400
1 11 21 31 41 1 11 21 31 41
frame frame
(a) HIP_RIGHT & KNEE RIGHT & D fEf (b) KNEE_RIGHT & ANKLE RIGHT & Dyaf

10: G R

Fig. 10 Evaluation result
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