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Abstract:

Recently, voice interaction robots attract people due to development of Al and robot engineering. The tech-
nology of emotional estimation from voice is important to realize a smooth dialog between human and robots.
The opportunities of intercultural interactions are increasing by arrival of the globalizing society. So, the
technology of emotional estimation for interaction robots need to absorb the differences in voice emotional
expressions of different languages. But, the number of existing researches about the emotional estimation
from voice that consider about this point is small. In this paper, we pay attention to the non-language in-
formation in voice. We then provide a comparison of performance about emotion recognition from Japanese

1D-Convolutional Bidirectional LSTM for Emotional Estimation

and Korean voice.
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Fig. 1 Flow of preprocessing

1-"1 “xz ’.. Xn

1D-conv 1D-conv . 1D-conv
| | |

1D-conv 1D-conv . 1D-conv
| | |

1D-conv 1D-conv BRI 1D-conv
| | |

BAE | WAE . WAA

LST™M LST™M LSTM
)

HAh

2 REETIVE

Fig. 2 Overview of our proposed model
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Table 1 Detail of our proposed model
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K2 HAFET—ZXD fl-score

Table 2 Japanese emotional voice estimation results

fl-score
ETNVE | ETIVH | TR
Fo Y] 0.45 0.48 0.48
HL A 0.34 0.36 0.42
I 0.45 0.44 0.48
Bz 0.17 0.27 0.18
40N 0.23 0.20 0.12
Ra2] 0.33 0.35 0.34

*® 3 WEZFET— XD fl-score

Table 3 Korean emotional voice estimation results

fl-score
EFNE | EFLH | EFUVE
53] 0.60 0.57 0.55
L A 0.55 0.42 0.42
[0 i 0.74 0.58 0.65
Ex 0.25 0.45 0.36
=403 0.37 0.17 0.15
Tty 0.50 0.44 0.43
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