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Improvements on ncRNA-disease association predictions

Takuya Mori! Morihiro Hayashida™ Tatsuya Akutsu’ Jose C. Nacher™

Recent research has shown multiple evidences on the relation between mutations and deregulations of non-coding RNAs and
specific human diseases. Therefore, the development of computational models that predict ncRNA-disease associations has
become an important research topic in bioinformatics. Here, we report on a proposed method of ncRNA-disease association
prediction based on sequence and tripartite network, which is defined using intermediate associations between ncRNAs-targets
and targets-diseases. Moreover, in order to enhance model predictions, several methods were examined, including optimization
processes and a more detailed analysis of the similarity between sequences. This extended abstract briefly presents and discusses
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the results from the computational method together with those from the improved analysis.
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