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An Analysis of Tweets Posted in 2018 Western Japan
Heavy Rain Disaster - A Rapid Communication
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Abstract: In carly July 2018, heavy rain disaster occurred in western Japan. Due to the disaster, there were more than 200 dead
and missing people. To minimize the damage in the event of such a large-scale disaster, it is important to collect and distribute
information quickly and accurately. Therefore, the use of Twitter in the event of disasters has gotten much attention worldwide.
The authors’ research group is paying attention to utilizing Twitter at the time of disaster. For example, we have researched on the
classification and mapping of tweets at the time of the Great East Japan Earthquake, and the implementation of a disaster-related
information sharing system utilizing Twitter. The number of tweets explosively increases in large-scale disasters, therefore, it is
important to analyze the characteristics of tweets for practical use of Twitter in the event of a disaster. In this paper, we report the
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analysis results of tweets posted in the 2018 Western Japan Heavy Rain Disaster.
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Table 1 The number of words in 10 minutes from 17:10 on July 6th
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Figure 2 Ranking transition of top 20 hashtags (all tweets)
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Table4  Top 20 hashtags (original tweets)
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Figure 3 Ranking transition of top 20 hashtags (original tweets)
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