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The process discovery technique and event estimation in the sales activity:

The application approach of process mining
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Abstract: In the decision-making process of sales activities, the result depends greatly on the judgment
of sales personnel. Therefore, the means for establishing the efficiency of sales activities throughout the
organization are required by eliminating individuals' factors such as experience and intuition from the
decision-making process. In order to solve this problem, we are developing the business decision support
system using a machine learning model. For that, the process discovery technology that extracts regularity
from the decision making process of sales activities is essential.

In the process discovery method in conventional process mining, the regularity and rules of business
process are extracted from information on execution order of events contained in the event logs output
from the systems. However, in the decision making process of sales activities, it is difficult to apply the
conventional process discovery method because the rules are not known in advance and the input
information is unstructured data such as business diaries.

In this paper, we provide the new method to extract the process with high order acceptance probability
from the business diaries, and describe the verification results of "event estimation" which is the first step
of the new method.
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Figurel Decision making process in the sales activity
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Figure2 The 3 steps of process discovery from business report
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Figure3 The creation of business reports for teacher data
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Figure4 The relationship between business reports and events
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