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Abstract: National Institute of Informatics (NII) has been provided shared learning management system and its content
development such as security learning from GakuNin Moodle service, software programing and research data management
course from JMOOC platform. The learning management system has a functionality which can feedback final result date to the
university administrator. However, it still remains unsolved the requirement that allow institutions to improve educational result
by utilizing learning logs. In this paper, we developed an integrated environment for learning analytics which composed by
learning management system, learning log store, analytics platform and dashboard which shows analytics results. By dividing the
system into four different components, it becomes easier to scale-out the system in practical operation. The result obtained from
analytics platform can be chosen directly from the dashboard. This function makes flexible to reflect the analytics methodology
which does not fix and then will be changed time to time in the process of its development. This infrastructure could offer a
Dev/Ops environment for learning log analysis.
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