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Fig. 1 Data collection and processing process
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Fig. 3 Tweet data collection and processing process
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Fig. 4 All data(About 700 thousand tweets)
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Fig. 5 Sampling data(About 7 thousand tweets)
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A_Histgram of char_count
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Fig. 6 Sampling data A(About 220000 tweets)
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Fig. 7 Sampling data A(About 370000 tweets)

K1 VYT EFERMEN BT 20 (TR LH T VD)

Table 1 The number of samples and whether preconditions are

satisfied.
YTV | EEHEE BT B
73865 x
221596 x
369326 O

THio7z. B Z XK » TIRD & S 12 FHmisfl %2 &t

L7-.

(1) F=7~—Dht A, B, CIZOWTERNM Ahist| ],
B_hist[ ], C_hist[ ] ZFfZ 2K T, > 7V v
WK DR L 7=

(2) ARKHEEa=0.05 & L7z,

(3) Achist[ ], B-hist[ ], C_hist] ] Tl 0 237\ Z & % i
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A_Histgram of char_count
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Fig. 8 Time series sampling data A(About 240000 tweets)
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Fig. 9 Time series sampling data A(About 370000 tweets)
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Table 2 The number of samples and whether preconditions are

satisfied.
YTV | REIEE A BT S
73865 x
246217 x
369326 X

fMidTaZenTEL ZNICEY, iEBEOF—XIZHL
THEHLELZ (TS & &, RO T — 2 W ekoT—2 &
WRTHO A D720, T —XOY > TUVEB+5Hh
ES P DOMEEDTERMNITE D LD IR o7, AWFEIZ &
D, By 7T —RIIxT BHEGHLEE O E S M2 I & B
HHEHAVTHRKIIRFTEL Z 2D - 7.

5.2 SEDRE
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B2 MER T B ED D D03, FEBD A I BERE TIERR
LTWa., 20k, BEMETEIMATE S L S I2HATSE
HEZFTI2FEPBETHLLEZS.
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