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Analysis in Classification of Patterns with Characteristics Extracted
from Controversial Statements with Anger of Others
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Abstract: Popularity of SNS enables people to open their opinions to groups or the general public. Frequent
posts often make troubles since people sometimes do not carefully confirm them before posting. It is not
quite difficult to find out the reason of a trouble after the occasion of the trouble in SNS. On the other hand,
it is difficult for a poster to predict whether his or her message makes a trouble or not. This is because any
message do not objectively evaluated before posting. Therefore, in this paper, we propose a method to indi-
cate whether the message is similar to messages which made a trouble or not by evaluating with evaluation
models which are created from past posts by deep learning. Our method can make posters be aware their

messages which should be confirmed.
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P28 o T4 & L Tld, Support Vector Machine (LA
T, SVM) % Naive Bayes (LL T, NB), Convolutinal Neural
Network (LLF, CNN) &IFEND b DDHH. Thb i
AT, kN EPSELNL ANBOREEEZ KT T4 7,
AT 47, FNLUSND LIS L2FH %47 2 LI
£ oT, RKHMDFEABNEDOHHIA THONS. 2 TH CNN
VRIS BT, AR NAE D S & WA T
SHET AT LRI L TWwWA . FERIZ Twitter Sentiment
Analysis &\ Twitter & W 725547 TlE, Mo L
Pa—RHENLEY2—%2EIBWT, SUM S NB L)
DEWVEELH T I LI LT,

AIFFE T, FEE DR ORAE 2 EMEICHET 572012,
CNN & Multinomial Naive Bayes (LU, MNB) % flAs
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BEAFATZE L1358 ), FUaRINZE D & ALk O RIS 2 4 5
5 DTIE WD, BEIEZ5HT 5 &) S TR
EFLTH B2, BAMETHVIEE 2% %5 CNN &7
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W%, MNB 2Bl 2E 74 vy w5
CEWE - TEETEL L) IZLIRLTWA,

2. FEEMZE
AT TIIHM - & B 72 B AT O BT ZE 12D\ T

PUISONZ

2.1 SVM (L BRBED S

Mohammad &, Twitter DNy ¥ 2% 7% W T a2 —
INAZRVER L [3], SVM % 272 7V C Ekman 2320
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T, BX) 4] 2 L 72, Mohammad (ZZ 2N DE
BERI Ny 2y I P T =52 T\ L. 20
KR, AR QRO H 5, Y OREIEICHT 5 FEIZ
345%TH Y, MOBKEIHFT L FHELD KL, BYo
B TAZ L IEHL WS 005,

¥ 72, Roberts 5 b [AF£IZ Ekman OFEE L7 6 DD
RIS % 7208 % SVM 2 W Tir»> TWw 5 [5].
Roberts & D73FETIE, B0 OEFICH§ 5 FAEIZ 64.2% &
72 1), Mohammad 2V&H L7- FE (34.5%) £ 0 b BV
BEMTZENTE.

Mohammad % Roberts & Df7EIZHBNT, K1) OEIE
DFHEN ) F L ko2 e LTI, &Y Oz
filt L7t > T MBD GO > TV &) b A kiro7z
ZEDBBIFONL, BWMFEOKEE LIF5121, —fk
WCKEDT =Y BUEIZNPOLTHD.

—7J7, Sintosova 5%, Twitter & H W72 GO 720
DFHB 25 H kxR % L7z [6]. Sintosova b &, —
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L I 7 A DA

S. Kim 513 Plutchik 2532108 L 72& G E TN [7] 2 5%
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Fig. 1 Objective description of our research.
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ARFFETIE, SNS DHIZAEE, NREELEIZIAT THRE S
N5 HEEEL T, Twitter DR Z B O G E L7,
B, PUELZHmE, itora—uvtrEE L, &
FEODODORE L7z, B 112, RIFEIIEO SR ET 5
SR IC O VWTRT .

A & B3 Twitter THEEZIfTo TWAL—HF LKL T
L., ZOBITIEZ, HIO—FFITRENEBIPRD ZEL
TBY, TOERD A OFRIBHIEKA PFFMON LR E T 5
NEE LD, T, FHEOMNG L % 5 LEOFNZH 5 X5
XHFEMIET S, B, BHARY 2K L2k H%ED B
DFLBIIEH L2, 2F ), IR O-EORFEDOHK
WTHY, TheFERLHMET HIBEOTNVETHDT
5. BARMIZIZ, Twitter T #angry, #fuck, #bitch
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LENDYA— MNEWUET 5128720, Dini 513 angry &
V) HEEEZFIH LT 5 [11]. 72, Roberts 5 DIHFSE [5)
B L O Mohammad DAF%E [3] I2BWVTIE, BYDY 1 —
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Ay I EENTVE YA - ERDICETLEDL
LTPETRILE L. 4B, #anger DNy 22y 7
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DUEEEFNTVDHDIE, LR 29AD LT
Lok L7,
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TNOEILE L7-. 22T, #angry BMF5-Nn72d 0
1X 106 18, #fuck b DL 136 fE, #bitch @b DL 385
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BT, V7714 GBfE) Bk oTwabay A —
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—7, UTIABRI G > Ty £ — FOBAIZIiE
{2t L TR 2 LTV B0 0HET R W0, K5
DXIRNPSIEBIN L7, bBAA, BRYEZELZY A — T
R LT, VT IARRDANTRY A2V A — b ET
HZ EFNEETH L. L, TOAEIZIZIDY 4 — b
EAEMIICHET A 2 LN EETH L. DL LD, KifgE
PHEOMRETHHDIE, BDICET LNy a2y 7n
FH5E3NThT, BP0V TI9A4BERNTHLY A — 1D
KL, T/, FERICHTIED LD, WFEOAD Y A —
FRIEL72RICANRS VEED L D EDRAEL TV
SEEORERIL Twitter DFRETIT > TWAHD, BEH i
a2 WERED ERRZ A EICL LV A — MEEDbR
. INHLDY A — MIAWEO RN LRI L7z, Sik
WYFEN L AT DWW TUE, Twitter API O lang A% “en”
Lo TWDL 2 E) D CTHRT L 7.

DExREEL, BDICETEZ Ny V2 d FPfH5 8T
BY, VIIARKEER, FFETHDL YA — Mo 725
&, #angry Db DI 66 i, #fuck Db DL 84 ], #bitch
DHDIX25HE o7, LoT, TNHEDI DDy
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INOHERHET YT LITERRLZ300 > 7V, JfESHY
DLOE L THEEBLUFHEICMEHLTWA, SRS
300 TN, Fl—DbDERMEDTRTOFEEB L
ORI AER L7z, s onNy 228 728 LT,
10 AR DY > TN o TLE ) 7280, DEONED S
AL L7z, 728 21E, 10 THAEHE, D) b 120
FTELDE)DPTIREEDN LD ST LE ) 72D TH 5.
TANT =8O 7V 600 il 1L Twitter O API T
H5 REST APTZFIWTIUEL 7. 2O APLDHIRE L
T, BETHED EM>TY A = ERUST H I ENTE
. REFETHH L2 A, 2016 4E 10 H 7 B
510 H 13 HOBOY A — %220 API # i L TINE
L2b0ThY, ik (NEZRSEDLWEMEDD 5 Lik)
H Y ® 30018 &Ik Lo 300 8 CTEFF 600 & % - 7.
T8, MENICT—FEZELTH Y 7V a#HERd 2 Lt
THETH 5.

3.3 F—2NO I NIt}

P TIVOGHEELT) 72012, FRENDY VT IAH
LTIRMAHT ZAT) . AR TIE, A2 L H1IEAT 3=
WZHBNEILEHRLTEBY, 2{HICHET S, TN
fFIofEZER 1 IRT.

F1 TR, FATZESELLEOTHOST L (M1 D
BV TH - 72505) IS LTI 1T %2, B8k o
72EOROREL (M1 OFWFEIETH - 7235855 (244
57, WEHKIIAZELE TV RWE D) 123 LTt
0 kR TAMAFIT L. TAHTFIZOWTIE, 4.2 §i TR
L72& 912, #angry, #fuck, #bitch DNy ¥ 2% 7H5ft
WTWAENE) PTHRFL TV 5,

3.4 NEDFNE

Twitter 205 LB EIUE L 72, FOXLENPSNRT ML
VR ARNCATLHE 2 479 . BARIZIE, URL % # 28
Aoy ay ZEO RS, R LT EHlRL w5,
LEOFMHEOFIZ TR 2 IIRT.

BB, T—FELPELARDEBEOREYD 1 DL %5 R0
L9, =% % He % She it EOMRAEFNLHA L Z &
bEZD, M L—FEHE T2 LIRS TEL

K1 Y TILDT AT OH)
Table 1 Examples of labeling of samples.

EAAUZRIPSE SR/ NS
0 Got Pinterest again.

FHTD G

you can also pin your

Still not sure how to | blog posts and it might

work it but will give it | get more traffic!!

a go
1 you never lie to me | It ended with you are
HAHAHAHAAHHA an a **
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£ 2 LEOHTLE O

Table 2 Examples of preprocessing of sentences.

WLFLET | Congrats to our CEO, @XXX on winning
the ambient/instrumental category QXXX
https://example... #yyy

JLERT% | Congrats to our CEO, @XXX on winning the
category @XXX

£ 3 HrSIVOHEER

Table 3 Number of words of samples.

T IVEC 600

ARHEER T 209

SR EEER  43.95333333333333

BB oYL © 33.0

HERDRHEN O 43HL ¢ 1466.9611555555557

HE RS | 38.33288630549151

100 HEELL EoH > 7viE, 7.333333333333333%
200 HEELL EoH v FILiE, 3.166666666666667%

ozl REFFETIEZDOELIIIT-> T, ZOM
O, 192 7IVOHED 200 LLEICR > 72541213, 1
B TNORKREERRZ D720, HL AT EN-HEED
5l o T20055F CHRMB L TWwA. 2k, CNN 2
FTHEBZ, T TINOT = A A ez 50BN 57
DTH5H. 7, WRIZEATHET N TV IEE, 20K
TAEBELREHED1DLEZ, <NL>NEEHL TV,

AOFZEIZB T L 724 > 7TV O BEES % python @
statistics & \»9) module #FJH L T Lz 2 A, = 3
DOFER L o7,

F3 LD, 100 HFEU EDOY TN k) L nd,
WRDOHFERAT209 L W) HEEELT, FLALDHY
TNDOETEHET XTI ANS 7202, KFZEIZB VLTI
HEEDRAREZ 200 & L7z, B, IhE 209 123
FTRTOVA = FOTRTONFEDHEETE L L, 201 %
199 S T HARMIL VW AS, B ARICE > T &
DORBWETERRINL. ZOBRICLY, KBFZEIZBW
T, B97T%D Y A — ML TERFHFDOTTE SIS
BHTE, BYOv A —MIELTY, RATERRED 9B
FE(2009) AUV ETERLDAELRL, bHAHA, H
FER R R RIRE L7213 2SRRI E K 2 525, LB
JAEIEELEAT 5.

3.5 CNN & MNB®D 27 1ILRIZLDHEE
Twitter 2> S IUE S N2, TNV & FTLIED
th, N7 MBI NS, RIFFETIE, word2vec & Fw
THEELZIToTWAS. word2vec Tld, Godin 5 AERL L 72
Twitter D7 — % % [l 72 word2vec E 77 )V [12] & v 7z,
N7 MVIZEBR IS 7 IVik, CNN & MNB O 2
DDTANEY 2 ZONETHBET S, FEEEE, 220074
VE el L7z TV ORIERE L5 Twh. CNN &
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AN A O O O
@® e e ¢

@@ o @ ©@

2 AWFZED CNN E 7))V DR

Fig. 2 Construction of CNN model of our research.

Q@ o o
3 RWF7ED MNB QL EE
Fig. 3 Procedure of process by MNB of our research.

MNB D7 4 VIR SN 5 ETFIVOMEE L MBNE %
AKHEICTRERT 5.

3.5.1 CNN 7 1 JLZDETIVEEM

CNN ®7 4 V&I L TIE, Y. Kim OE 7V [9] 124
ey TNk M= RRET D, KGR THWSE
FVOMEER 2 1RT. B, MPOLIIFEED ) —F
ZRL, W IFDLDOVBATENTH T, DL DA
W SN R TR

RUFZETIE, BAAREDORIZT =) v Tl %8 L7214,
it ATE % L, Softmax BEE I WTIMENDH 5700 L9
MPO2EICHE LTS, Y. Kim O EFE L L, Mo
DEHIABIEIZBWTHEL ) Lo eMitL, 7=
VIR L EREARBICBVWTLEOER T HET 5 &) i
EERoTWD, BAARETIE, AJJOF ¥ A Vid 1K
TLEL, 74NVWTDOF AL RE3Ix3ELTWE, FDdD
BAIARBTIIT A NF DL 5 2 5DIEEH L7z 3 HEED
HMThb, T, NF47IE1THY, AFTAFD
1E& L5, Z20#%, EMHLREEE LT Relu Bz )
W LTCEALTWA, kI, 77—V 7T, 2x20
TANIPORROEEEESTL BRRKT—) ¥ 7 %475
TWh., ZOBOLEREERETLEMARE L FRIZIEEL
FI%i Relu BBz @ LCn5b. B, o eyl
SO TR Y 75T 100 & L7,
3.5.2 MNB 7 1 JL 2 ODALIEFEE

MNB (X HARSFELIR 2 OB 27— 7 12 LT &
CHMENBEEFLVTHL. TOMNB ZflioTH > 7
UM LEEAR 3 IRT. B, MPolid /) — %
KL, WTOBOBANENTH Y T, KEDODL DD
NN ERERETRT.

MNB G BEDOEEZ T 7FH B TE Vw0,
word2vec D L ) %Y — Ve HWTHFEEZ LT L2 &
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WTEHv. £IT, WABREOBEE b LICLZHGED
& O TF-IDF OfE % F\v: 72X 7 PV % MNB (258, FFfifi
SELILET .

4. Ei#

KEFZEICBIT D, AR TVELEI DEHNT 57
OOT— Y DOWEICHET R, 72, ZoT7—7 2 Hw
THHE, FANIT) 74 NP ITOVTOEREIZOVTA
Q= S Vo

4.1 F—20OWME

REFD T — & ORAREIZ1E Twitter APT 2 iV TW 5,
32 HiTHhARIzT =4 %, 2 BRI CHERT 5. 18
BEEHTIE, Ny vadZEbEll, Ao Twakias
WEds. cokd, fHATL/NY vay 7l #angry,
#fuck, #bitch D 3D THVY, TD/Ny ¥ a2 ¥ 7ok
FarioBE T L GEELTH Y, »D, FEE TRl S
NBEmERERE LTS

2EMEEH T, vy V:L&?*%ﬂiwfll)l%bf:, NDEE >
TVLERED EICLT, BEVPRL 2T THREEZH-
TS LT 5. BRI % F TRAREZIUE Lt %

ZLICEoT, RFEDOWHEE V2O ADPRLETO—HDOL
BEERELTWS, TRH5D a5 L%, Python %
WTERLR L TWw 5

B, REBEIZBITL 707 TN EEH»TE, Twitter

Am@ﬂﬁﬁ@@%%t 15505720 ICHETE 57—

FICEEDH B, F72, APIOFAHFIRIZB T, Zh
%@?-9@@%7Bﬁﬁb#ﬁn&w&ﬁ#u&ofw
B, FD20, KRFETT =7 2 KEIZIET 57201213
MEBERIC T — & ZIE L 2T UL % 5 2w,

4.2 FT—a2DOINIVRTT ERTLIE
33MMBLOZAHTRLIL)IC — Y ZIEL T
Bz, T2 LTI ST ERTRLEE A TS . TN
FIFORMEE BT —41%, 4.1 HiTHR7, BY Ok
2 H—HO¥FEB L O, RIS Twitter API 2254561
2R DIMED R VE L DO—HOFEAGTH S, —HEDOFA
1Y TN EL, BYDOIMEDND LY 2 TIVITIE 17 %,
WY TR 07 2 T NIUVIT LTS, T2, U
ENz—EFMEICE L Tl, Python DIEHES £ 75 1)
WKEINTVALEREHDOIA 75 ) EHWT, Ny
% 7L URL 28D B AL 2470 T\ b

4 3 ’\"‘EE’%(D'_‘_”IT%

SHEEOFEICH 2D, CNN & ZF RS0 5HEe12 55
FC, 3.5 BICalb 7T L TEE LT o 2.
4.3.1 CNN zHW /-5

3.5.1 JHCiEN72 CNN # HwW/-SHol-oo7a 75

© 2018 Information Processing Society of Japan

2 %, Python @ chainer 74 77 1) # W C3HEE L. %
B, chainer D H T % I\ 4728, numpy & ) 1771
FHEEZITHI 00T ATIT ) HMHMHL TS

4.2 ORIV LY Lz TV, %“m@wﬁ?—y
EFHEH O T A N 7= 7125 L, word2vec & W CH
FEENT MUVALT B, B, T — 7 OHIZ word2vec
DETIVIHIEL TR WHEPE I TG, 7>
FLNRT MUVHPERENLLHIZLTWA, g, E
TN VHEESEFEDON Y PVICERI N VWL 912
T52LT, HENOFEEDONTZFOHENY 2 5 25
Bl $A5DTHAL. D, chainer = W TE AR
A2 —F VR NI =7 DEFIVEERT S, REET
1%, BEAAIAEEFVERT 5 72812 convolution 2d &\ 9
Mz, 7=V 7RBEIERT 572912 pooling 2d &\
IMBMAEH VTS, bb5A, ZRUAOBIZIHLTY
Za—FNVty NI =7 2 BT A0 0BFITAE SN
TWh., fERL72ET VIS L CAliT— 7 2578 &4,
TANT =9 2 HWTEHIi 2479 .

4.3.2 MNB z B\ /-%%

3.5.2 T Tik~<72 MNB OEF IV 2{EKT 512 H 720,
scikit-learn & W) BEMFEEH DO T4 75 ) W THEES
1o 72, BARKIZIE, CountVectorizer &\ 9 B % v
T, $ v TN b HEEOMEREE # B M L 72, TFIDF Transfer

L) M E VT TFIDF OfEICE#R L -b D% AL
LT MNB TH#B%4T9.

4.3.3 27 1 IV EZDIER

3.5 Wi Cl_7z 287 1 V¥ 2IEKT BB, [6 L3l
7 —% 7% CNN & MNB OZNZFIIEEH SE DL, 0,
CNN & MNB #NFNDEF VBT, TANTFT—F»
ORLGEZ 720y TV &E5, 28714 V5 O L
LTI, CNNTEYZIZFLAY Y 7 L% MNB TR L »
I LR o TWAEYS, FE%E LI CNN & MNB O L
727 4V F OHTIOFGEIE 7o TWh . RO
BWTlE, 7TANT =2 O% y TVEBENIETIESL v
7280, &% 7% CNN & MNB ZNEND 7 1 V7|2

LT REIX R VDS, EETT AT Y VD
Kepbizd, EHE56h—HOT7 407 TEYZITLY
VTN DIRE D) —ITDT 4N F BT ) DRI E N,

5.

5.1 DFEEIC L B MHEEDFTT

T, RSBV TN S CNN 2 MNB %=, 4
PHELLT— Y O5HICERT L L, COREDIET
ST E LA T o 72, R LTHWT WS “FE”
EVIH)HRECH B, IEMEICERIT S L, B EIC B
Tl Accuracy, Precision, Recall, F & 29 4 DDOIRIE
MdHA. Accuracy L1, TAMNAOEY T LDH b, IE
L7 TV DEGEZRTIRETSH 5. Precision & 1%
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R4 HELEIT L OMREILE

Table 4 Comparison of performance by methods.

Grk Accuracy | Precision | Recall | F fi
CNN 0.78 0.81 0.79 0.79
MNB 0.76 0.77 0.77 0.76
SVM 0.65 0.66 0.66 0.66
CNN-+MNB 0.92 0.91 0.92 0.92

k5 SEEILOBmGSEHINY YTV

Table 5 Number of misclassification by methods.

SRR RiEd by | iz L
CNN 5 14
MNB 13 8
SVM 15 16

CNN+MNB

CNN+SVM

MNB+SVM

HHELTTFHLZd ST~ (18 055, FiE
L7z TVoEE 2 RTIEETH 5. Recall &1E, 7 A
FMAOEY 73 LT, EBICHFIEL TV AR50 T
NV (LFEHH) 09 b, EICTFHTCEY TV odEs
PETIRETH L. FEEIE, Precision & Recall O Al
SPHTH Y, ZOEECIE LM Lot s
Wk EhTnsb,

AREMIZ BV TIE, &%~ 7 600 M85, HFHMHD 510
&7 A NHD QO MIZFITF LTS, 2k, FFEHIIC
85%, T A MHIZ15%DF > TNV EE Y BT/ TH b,

S 20 8E S LCiE, AFRICB VTR 5
CNN % MNB % BMCH W 21370, IS 2479 B2 &
CHWH N2 5538 2], 3], [5], [6] TH D SVM bz 7-.
SVM [ZBI1F A X7 VLT word2vee & FHHWT\W 5,
512, RETFHETHDH, 35 HTHERLZ2BET 1 V712
DWTHFHIi 4T - 72, IS OFFlifERZ R 4 1ITRT.

F4 Ly, BESMEATIOBICLCHYSNS SVM 1
M 538 & D A URBEEAMK <, 2% FE0 CNN & MNB
WCE2 2B 74V S b IEESE 2o 7.

5.2 BAFEICDOWT O

HAICHEE OO AT &, AEELELHF T (L
BH) LZFHTHhW (JERL) BAERENENLHW
MO EINTDDPAWE R L, kgD Y OF > TR -
TR INLGEIE, BELELTURSINELIY DA
EROEDLBEEF WA THEIEC R, IER LoY
TVIRALEICIE, NERLERVWES ORISR
ENDTEREL b, T, 4 OFHICBVTHES
HanNHr 7VEER S IRLE. B, 7TAMNIO
W07V b, FkEHDIZ30MH, % LIZ60HTH-
oo BRIEREFEFLEO 2B 7 4 V¥ Th B CNN+MNB
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Here's a great moment of @HillaryClinton - what temperament ! .co/Fd6Lo7Zd5c@Realjmanng
@EmilyGrey_: HD Ahri vs Lee Sin Part 1 Orly by @EmilyGrey_ .co/ZYS3RjeuRl @manyvids .co
@radunovic_k: Slufajno 5 dana prije izbora DPS izgradi Zitavu G , ali nema to veze sa

I'm pretty drunk and it's only 8 p .m @©&® happy birthday mon @®®gkilo_cartel thanks
1000+ illegal aliens found checking just 5% of the rolls in Virginia— could be 23 ,000

4 CONN ZXo TG ENIAZROE LTV T
Fig. 4 Sample with making irritation by CNN misclassifica-

tion.

she's some kind of menster .co/2dcWA7WRYC@owlllis Single-payer healthcare { Sustainable green energy
Women have the power to stop Trump . <NL> <NL> .co/tTgeqy51PU <NL> .co/VH3woeAf9Q .co/NjvbkPsjPRDo U
My mom has got my back since day one , she's never asked a restaurant to sing for me on my birthdayes|
Video: Endangered sea turtle rescued after selfie-takers mearly kill it <NL> :Selfies almost killed al
known . Sorry to hear that . Thank you .

Liberal majority @ElleSimg2 <NL> Thanks for voting in the crooks . Again . <NL>

im watching bb's new ew interview and the mc just called seunghyun scary DIDNT I SAY YESTERDAY HE HAT]
For real tho . Need a clever clean version of FAB . Taking suggestions . Cuz " fake fake witches " re|
has never seen a force as imposing as @BraunStrowman . @DashaFuentesWME .co/cIx4L0eBQF@WWE @Braunstro
-@locelynbeard Apparent reading problems also . Guess you didn't bother reading my tag line . .co/iDRf
I'm pretty drunk and it's only 8 p .m @@® happy birthday mom @®gkilo_cartel thanks for the invite
@filmhyund: TuStmeufluifuda ATMIA Y udredyAlesudaald azifoufiyndn &ledne LikedldiRounziuuds ///4aelinna
@RickieFowler Yeah , it's all about you . Don't try to elevate yourself-—you were never really frien|
1006+ illegal aliens found checking just 5% of the rolls in Virginia— could be 23 ,000 illegals regis

5 MNB IZX o TRGHSINTAZRLE LT > T
Fig. 5 Sample with making irritation by MNB misclassifica-

tion.

Well can you ? & .co/xzrAbby4fI@sorrynotsorryy @SamanthaMelhorn I just reply I do more
Women have the power to stop Trump . <NL> <NL> .co/tTgeqy51PU <NL> .co/VH3woeAf9Q .co/N
Zmo with my girl"* .c0/C2A78YdudN@BernieOrBustLA Remember when the bitch said a blk mai
@garryho_ca: Trump called Canadian health care " catastrophic " . Funny because that's
@EmilyGrey_: HD Ahri vs Lee Sin Part 1 Orly by @EmilyGrey_ .co/ZYS3RjeuRl @manyvids .co,
Video: Endangered sea turtle rescued after selfie-takers nearly kill it <NL> :Selfies a
known . Sorry to hear that . Thank you .

For real tho . Need a clever clean version of FAB . Taking suggestions . Cuz " fake fakg
@radunovic_k: Slufajno 5 dana prije izbora DPS izgradi &itavu €6 , ali nema to veze sa |
I'm pretty drunk and it's only 8 p .m ©@® happy birthday mom @®gkilo_cartel thanks f
Looks like Beth from dog the bounty hunter can't accept that Trump Won . .co/7FH27HZjpMg
That awkward moment when you think you're sneaky as fuck but you're really just a two f3
@chibisan9: dwﬁuﬁqn adilaiuafinguaninaishndrufuidan Ty semrsuse souudaifiumlinn 55555555!
Trump: She's blaming her lie on Abraham Lincoln .@AnnCoulter Hillary has never done any{
@RickieFowler Yeah , it's all about you . Don't try to elevate yourself---you were neve
Trump and Billy Bush talk about getting laid- OUTRAGE ! <NL> <NL> Bill Clinton rapes wol

6 SVM IZXo TipHINZAZRLELY T )L
Fig. 6 Sample with making irritation by SVM misclassifica-

tion.

DIFHIZ, CNN4+SVM B & O MNB4+SVM @ 2 B 7 1 )L
YO DR L TWAED, THIEHEEHRAD2ET A VY
A CNN+MNB TH 20D 6.2 fiTEETH-00TH 5.

5.3 BAPEIhEZAEZRSEZH T

AT ENTANEZ RS LY TNICED LI L DN
GENTVLIRAEL. 2L, ABTHIUIHIZ R
KEBNLE ) B T ERGEHEN TV DY, 72, A
B COHEDHE LWL ) BTy PRSI N TS
%, BEOHEBECBVTHRT 2720 TH5H. 72, 5k
TEIZEDEI BT TV ERELLTVORNIIONT
P L7:. ONNIZX 262 4 12, MNBIZXA01%K 5
12, SVM 2L 5612 6 I2ZNEIURT. ZNEFNDK
IZBWT, B EENT TP 1A ENnT
W5,
WRETHEO2E T4 VI IZXB5HETIE, 74V TH
HMENLLDIECNN & MNB OFEES LR D20, K2
B7A4NVYTHROSEHENDL DD, X4 L5 OMFICH
By 7 néihrd, T2TIE, “I'mpretty ...”7 Tl
F 5L E “1000+ illegal ...” TUHE 5 2 DDA L4 L T
BY, £4THIMED Y ORGHEHIT2OTH - 7.

RKIZ, HBHFETIZIEL SHRAITE S DI, hos3E
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@radunovic_k: Slufajno 5 dana prije izbora DPS izgradi Citavu CG , ali nema

Here's a great moment of @HillaryClinton - what temperament ! .co/Fd6Lo7Zd5cg
@EmilyGrey_: HD Ahri vs Lee Sin Part 1 Orly by @milyGrey_ .co/ZYS3RjeuRl @mg

K7 MNBTIELHEHTETCNN TREE LIEAEZRLE LY
TN
Fig. 7 Sample with making irritation by MNB correct classifi-

cation and CNN misclassification.

For real tho . Need a clever clean version of FAB . Taking suggestions . Cuz " f
has never seen a force as imposing as @BraunStrowman . @DashaFuentesWWE .co/cIx4
@RickieFowler Yeah , it's all about you . Don't try to elevate yourself-—you we|
Liberal majority @ElleSim92 <NL> Thanks for voting in the crooks . Again . <NL>
Women have the power to stop Trump . <NL> <NL> .co/tTgeqy51PU <NL> .co/VH3woeAT9
«@Jocelynbeard Apparent reading problems also . Guess you didn't bother reading
Video: Endangered sea turtle rescued after selfie-takers nearly kill it <NL> :5e|
she's some kind of monster .co/2dcWA7wRYC@owillis Single-payer healthcare ? Sust;
@filmhyund: TluafuanufustulfasATMA I udaeighlesudndls azifoufiynin Aladan ludealdd
My mom has got my back since day one , she's never asked a restaurant to sing fo
im watching bb's new ew interview and the mc just called seunghyun scary DIDNT I|

B 8 CONN TIELC/HTETMNB THESE LAEZRLE LY
TN
Fig. 8 Sample with making irritation by CNN correct classifi-
cation and MNB misclassification.

1000+ illegal aliens found checking just 5% of the rolls in Virginia— could be
Here's a great moment of @lillaryClinton - what temperament ! .co/Fd6Lo7Zd5c@Re|

9 SVM CIEL{GHTETCONN THREL LLZAZRLE DY
%
Fig. 9 Sample with making irritation by SVM correct classifi-

cation and CNN misclassification.

For real tho . Need a clever clean version of FAB . Taking suggestions . Cuz " fake
Looks like Beth from dog the bounty hunter can't accept that Trump Won . .co/7FH27HZ
Well can you 7 & . co/xzrAbby4fi@sorrynotsorryy @SamanthaMelhorn I just reply I do

@RickieFowler Yeah , it's all about you . Don't try to elevate yourself---you were

Trump and Billy Bush talk about getting laid- OUTRAGE ! <NL> <NL> Bill Clinton rapej
Women have the power to stop Trump . <NL> <NL> .co/tTgeqy51PU <NL> .co/VH3woeAf9Q .{
Video: Endangered sea turtle rescued after selfie-takers mearly kill it <NL> :5Selfid
Trump: She's blaming her lie on Abraham Lincoln .@AnnCoulter Hillary has never done
@garryho_ca: Trump called Canadian health care " catastrophic " . Funny because tha
That awkward moment when you think you're sneaky as fuck but you're really just a t
2mo with my girl'* « C0/C2A78YdudN@BernieOrBustLA Remember when the bitch said a bl
@chibisan9: ﬁﬂﬁ'u\fgn arflaiuafinguniwsnshnditukuifion T8y mesrtute souudrifumdiay 5555

B 10 CNN TIEL{HGEHTETSVM THREL L-AZRLED
T
Fig. 10 Sample with making irritation by CNN correct classi-

fication and SVM misclassification.

has never seen a force as imposing as @BraunStrowman . @DashaFuentesWWE .co/cIx4L0eq
Liberal majority @lleSimd2 <NL> Thanks for voting in the crooks . Again . <NL>

1000+ illegal aliens found checking just 5% of the rolls in Virginia— could be 23 ,{
-@Jocelynbeard Apparent reading problems also . Guess you didn't bother reading my

she's some kind of monster .co/2dcWA7wRYC@owillis Single-payer healthcare 7 Sustaing
@filmhyund: TuaunoufludiBudasATMA IR udrefgalasude st asifoufiyndn Alskae lLidesldidous
My mom has got my back since day one , she's never asked a restaurant to sing for mq
im watching bb's new ew interview and the mc just called seunghyun scary DIDNT I SA)

B 11 SVM TIEL{/HTETMNB TREEL LZZAZELED
FrT
Fig. 11 Sample with making irritation by SVM correct classi-

fication and MNB misclassification.

BCERELLTLE)AZELE LY T NICIEED X
VDb DWHHPIIONWTHAE L/, MNB TIEL { 55#
TETCONNTREELEZSDOER 712, CNN TIEL S
SHETECMNB CR%ELAZBO%#E 812, SVM TIE
L TETCNN TREL LD %ZE 9 12, CNN
TIELL G TETCSYM CTREE LD %K 10 I
SVM CIELLHETETCMNB TREE L0211
12, MNB CIELL B TECSVM CTREE LZb 0%
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Locks like Beth from dog the bounty hunter can't accept that Trump Won . .co/7FH27HZ]p
Well can you 7 & . co/xzrAbby4fl@sorrynotsorryy @SamanthaMelhorn I just reply I do morg
Trump and Billy Bush talk about getting laid- OUTRAGE ! <NL> <NL> Bill Clinton rapes wi
@radunovic_k: Slu€ajno 5 dana prije izbora DPS izgradi &itawu CG , ali nema to veze sa
Trump: She's blaming her lie on Abraham Lincoln .@AnnCoulter Hillary has never done an|
Funny because that's

@garryho_ca: Trump called Canadian health care " catastrophic " .
That awkward moment when you think you're sneaky as fuck but you're really just a two
2mo with my girl‘* . co/C2A78YdudN@BernieOrBustLA Remember when the bitch said a blk

@chibisan9: éﬂﬁ'uﬁgn avile i un Finguniwanshndrudufon Tde sesrtuss souudaifundian 5555555)
@EmilyGrey_: HD Ahri vs Lee Sin Part 1 Orly by @EmilyGrey  .co/ZYS3RjeuRl @manyvids .c|

12 MNB CTIELC/HTETSVM THREE LIAZRLES
T
Fig. 12 Sample with making irritation by MNB correct classi-

fication and SVM misclassification,

X 12
OEHNDOVWTIE, 6.2 f

6. E=

FA4X0, NEBSELES MBS 5H%E
@ﬁﬁ&%mwt%a,FﬁﬁCNNTOﬂxMNBTum,
SVM 28 0.66 TH o 72. WIND4HEP: T Precision &
Recall DWW NP ICBIEI RS Z & b 7%, WEL5H
MPITZTCVDEVZ D, BIETI 2T BICL CHws R

L8P THSH SVM M54 L 0 FE250.1 DR
<, ARl X9, SHROEERIFEOKIETIE A <,
TR ROFLIBRIC L o TH E R N 207 O EIE % 541
TLDIEARMETH LI LD Gh ot

—HTEAITREE, AREFETHL 2EBETI VI %
Hwa &, %4 O CNN+MNB O F #2092 & 7% > Tw
5 XN, SERESREMICHLETAETHhL,. T
wu%ﬁi%uf,CNNA:MNB“@&DQﬂfLT?Li%%ﬁﬁ
ICIEZNEI S 0O H 0, WSHES A
RS EREAETHEV) 2L THA.

FNEFNOGHEEIIBWT, & ZIFLTCLEI»F T
VIZED L) HEEEN S b DNELET

ICFNFIRE L. e Y 7 VIcE TN 50
T TR .

iZEnETh

6.1 CNNH &V ZIETAERSE IR

CNN A& ) 21T AL 5580k xH 13, X 14,
15, X 16, X 17 IZ/R7T.

[ 13 (21Z Hillary Clinton &) A&G2VEH LTH Y,
BUAICEIT 250 CThH 2 LM S NG, BAOHOMBE L
TIE, WESNT— Y OPICBUARICE T Atk 254 7
holoml, FHEFNAREERZORYOLDTH Y, 1HiE
OFFHIC LAGTEIC RS 2VwENIEZ 5N A, CNNIZB

TREPOY » TUHE T 1T ERED LA 5
By, LVELoTF—yxHEOLNMNE, TOL) %R
MO EN L b EBbNS,

B 14 1213 “Q" S F 22 —FE7% <, ARIZHH
WS CHh 2 & Bbhd., HEEE X7 MUK DI,
DL BA—FHLENENR LS/ MVIZT V7
LTREFSTLE ) 720, OB oz LS
B. 7277L, ONN O, DL N7 MVvii—ER
THELTH, NERLELIMELE LN UL <
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Here's a great moment of @HillaryClinton - what
temperament | .co/Fd6Lo7Zd5c@Realjmannarino
@HillaryClinton She's a <NL> <NL> is coming !

13 CONN 2 X o TSN A RO 5L 1
Fig. 13 Example of description with making irritation by CNN

misclassification 1.

@EmilyGrey_: HD Ahri vs Lee Sin Part 1 Orly by
@EmilyGrey_ .co/ZY53RjeuR1 @manyvids .co/
XIGkmQj404@ CarolFo40636667 @Scottmlleroc
@mcuban @Newsweek Speak for yourself
14 CNN 2 & o CEGHE SN AL RS 5] 2
Fig. 14 Example of description with making irritation by CNN

misclassification 2.

@radunovic_k: Slu¢ajno 5 dana prije izbora DPS izgradi

Citavu CG, ali nema to veze sa predizbornom

kampanjom@profosinbajo Shut d fuck up ! !'!

15 CNN (2 X o TROPHENTANZ RS HELHE 3
Fig. 15 Example of description with making irritation by CNN

misclassification 3.

I'm pretty drunk and it's only 8 p.m & & & happy
birthday mom %% @kilo_cartel thanks for the
invite

16 CNN 2L > TR ENTZ NE RS 5 Rl Bl 4
Fig. 16 Example of description with making irritation by CNN

misclassification 4.

1000+ illegal aliens found checking just 5% of the
rolls in Virginia— could be 23,000 illegals
registered ! | .co/fbK7dqBgH4@screenwriter
Unbelievable How will continue to and not get in
any trouble for - That is above the

17 CNN 2 & o TG S NI NE RS E L 5Ll Bl 5
Fig. 17 Example of description with making irritation by CNN

misclassification 5.

BAHRADILIE L {3 TE 5720, MNB % E ORI
BOEETIREST SN2V 0 b BaT 5 s mREtid
Hb5. B, IRTOL-HFHEF T VAL T
LE ) hikd s 575, £ TidX 13 o Hillary Clinton @
L9 REO LB EKoTLE ). BEETIEHR
B2AT o TRV, BIGHE D S RE O N4 IR
BR7 MVEMNGTNE) FLAETELWMEEMED 5.
B 15 121, CHICHEFEDAM R B ETN T D, &
g, Twitter Z HWTT — % ZIUET A, Twitter API
DD S, Tweet DBENTFETH D L\ ) fRzx ED
72720 THDH, KRETFICBVTIL, SFHEONZ ML
WLPR % 4T 9 word2vec DE TNV BVERRT 5 BT, HEED
T NAZRHFHIET VWG, FEH L DPEFE L HARFELAI O
BT E v, FEFEUAMNOFFHIETHA L Twien
P, MEFEO T NZALEL, BAEL THEE ST,
15 OF Y TVIORENDLFEABHIEL{HFFTEHDT
FhwhreBbhsd, B, HAE, PEGE HEFEOX

© 2018 Information Processing Society of Japan

I, HEEL ) LOBERPRVWSEOHEICE, KRET
BTN 2, L% BB 5E4 5 I RE R AT
DX BRMESLEL 22D,

X 16 ([Z/R &N b, T LHA SRR TH 5
e, A, TUE, ABMICEAESICELL G HTES
B, AAT A4 THEILETIE R W20, CNN A58 L T
LEH)WMABIO1DOTH L. BRETIEELVY, FAD
Bl FBEELIENTENITCONN THIEL L4
HT&bEEZONS.

X 17 TlE, 1000+ illegal aliens & 9 FtificBWT,
R (immigrant) % alian & W) REFETER LTS, Ih
b, ABNCIZIE LS TE 575, BEREZ W L 22\ CNN
DS LTCLEIMAEGIO 1 D2THDE., DL %=6b
KA DFFETITHISIERETH 55, BEEEICL>TAER
SELHERE L FEEELIENTENTCNN THIE
LB TEBLEEZEZLND.

PLEX Y, RIREFHEOCNN D7 4 L IZBWTIE, B
BIRS, HW, BRREIC) TR TE RV 25550
7z, 722U, FEICHHT LT — 5 BE e ITRE % )
FEEsNLEEEH S, BB, IRETFHEO CNN Tk
BEHIAB T 1T LDTo TR WS, BEARIALE Z R
CETOHUHBEP LY L0 Ltew, LAL, ZHERHE
WOWIE ML — A 7OBERICH L7280, T — 5wty
RISV EN LR TH L0 8 ) PIFHE ST or 5
Z\un,

T/, BEEDHOFEIC L AR RKEOL—FHEE
APZRIR S IE LS T E Do 725, Thb I3 boait
AN A CTHERR S SIS T RE T 5 .

6.2 CNN &ESVMAPENZIETAERSEZEERDER

KREITE, BT ETIBICL AL N 5EET
»H%SVM &, EFEPMEAT S CNNIZBWT, =T
ELLGETETE ) —FTEY) ZIFTAERLE LR
I, EDX) BRERDPDHLOPIIOVTEET L. SVM
THEGHEN CNN TIEL LI N A RO LELR
Bz 18, X 19, X 20, & 21 12”7,

18 IZ/IRENABFEFITIE, Monkey faces look better on
monkeys &\ ) FFEN LFLESH S, BZH <, CNNT
WEFRES ek 2 B ARAARICE D ) FLHEDITEZ ERNT
& 727%%, monkey &\ ) HEEEAKZ Db DA% BE T
LLDOTIE R0, SUM TIRIELL GHETE Lo 720
Tl ZwprlfENSINSG., 2B, 2O%ESIZE Trump &
W HEENEEINTED, BUAMZNEDEIN A5,

X 19 IR ENAEE 2L, Well can you? & 9 R Hk
M7 Feik &, your bitch-ass mom & V9 B & 2 2 HH %
fEFET 52RO NE, LrLl, BE&KEZEL TAD
IR & FEOHEEL bitch-ass LA 72\ 728, SVM TIZIEL
CHEEINGholzoTE 2w LU INL., —FHT
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Looks like Beth from dog the bounty hunter
can't accept that Trump Won . .co/
TFH27HZjpM@ImWithYou010 name calling
mankey faces look better on monkeys
18 SVM TH#GH S CNN TIEL L SNz NE RS L5
ey
Fig. 18 Example of description with making irritation by SVM

misclassification and CNN correct classification 1.

Well canyou ? # .co/
xzrAbby4fl@sorrynotsorryy
@SamanthaMelhorn | just reply | do mare
than you , your dad and your bitch-ass mom
plus Sunday dinner

19 SVM TSN CNN CIELC SN AEZ RS YD
FLa sl 2
Fig. 19 Example of description with making irritation by SVM

misclassification and CNN correct classification 2.

Video: Endangered sea turtle rescued after
selfie-takers nearly kill it <NL> :Selfies almost
killed a dolphin in Argentina | think . What are
smartphones daing to people ? We can't get
enough of ourselves . <NL> Actually , the
Dolphin died as a result of these Argie
bastards . <NL> :I should have known . Sorry
to hear that . Thank you .

20 SVM T ¥ ONN CTIELK SN A2 BH5E5
RLiRBY 3
Fig. 20 Example of description with making irritation by SVM

misclassification and CNN correct classification 3.

@garrvho_ca: Trump called Canadian health
care " catastrophic " . Funny because that's
what the rest of the world called his campaign
over...@cupofwitt too bad bernie never had a
chance ! let him ! I']

21 SVM Tias SN CNN TIE LK I N AZREE 5
RLaB B 4
Fig. 21 Example of description with making irritation by SVM

misclassification and CNN correct classification 4.

CNN T, mrRosEml stk fEEofRhz, N7 b
MEENT—HOHEFEF L L TH) FLERMAD TN,

X 20 DFEEE, TITARLANVADPHEEY 2T 5 A4
WRENF I o2l LI LTH#HEZTALDTD
5. ZOFFITIE, kil R die 7 L OB OEK & FEO HGE
WEFTNTWADHDY, FikdD bitch-ass % & & 1T®L D, A
RROLELPE) NI L TRV EZF > T,
LoT, ThHK 19 OFEF LKL, HEHRALONZ PL
THHii$ 5 SVM Tid ) F{HHTET, X7 bfbsh
B O HEER A B AAD CNN T ) FCAHTETw
LM ENG.

M 21 & [FARIC, HEEHM TR 2 L BOEKRE O R
I3 catastrophic & bad { 5V THY), TNASVM T %
KT ot KR EHMEI NS, 72, Trump X
health care, bernie &9 SENS, TNEIBUGHNLRES
THhb. BZ5H <, CNN T, Funny because % too bad
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bernie & W o 72K %E ) F {BEAADLDOTIEI LV LR
bis.

DIk, HEEHACHHMIiz4TS) SVM &bk LC,
WL HMEER B AR S CNN UL, XHEEBIRT 2L
HDEIBREIFLTUTAMZE VR 5,

—JT, SVM TIEIEL {3 ST ONN Tldaisn s
NIFRRICOWTHEHMEIT 5. Thbld, §TICK 13 &
M 17 IRENTWE, SVGMAIINSH %) FLHETE
HHIZEDLTIE WS, BZ O FHEOBIGH 7N ICH
N HFECIGEICHEEONZ M VREENLHELH Y,
FND)FLRVEENRZOTIEI VL HER S LS.

INSDEENS, SUM DT 4 VIIEZCNN DT 4 L5
WA EEINLETZAITEZL. ZOHBELT, £5
Mo, BEDT 4 V&7 Il L CRROHE L 72JkED ) o
STV HVIZE b 5T, CNN2TED ZIF
LTSVMPELLGETEY T IVIE2METHY, ¥
12, SUM A& D ZIFLTCNN 2SIEL ST &>
TV 2L FAEL TSRS THA, T, CNN A
ELLHHETELY TV D 40%% SVM IZIEL < 3T
VW EERLTWAS, L2aL, £0O—KT, CNN A
BT L-BUAMNERREREZ G AZY 7V & SVM 1E
ELLHETEBLIREEICOWTY, KEiTELZEA T,
L. 7272, INBIF 6.1 BTl LIIZ, TS
fATES 77—y ES 2L, CNN THIEL {5
FSNDREEDH 5.

6.3 CNN &EMNB#FEWZIEBTAERSEDERD
=R

KREITIE, REFFEO 2874 V51T 5 CNN &
MNB I2BWT, ~HTIELLAHETETL ) ~HTLD
TIETAZESELRMICIE, EDL)LRERNDH LD
IZOWTHEET S, K5 &0, JEHVIZBHLTCNN O
FROTFAAY 5 B, MNB DOFR5JHAY 13 B, CNN+MNB D7k
SN2 TH L EH S, CNNAIEL L 4E L T MNB
DR L72b D 1L, ZodE3feE %5,

MNB H81E L < 4738 L C CNN 25335048 L 72 b D13 13,
M 14, X 15 ICREND 30D ETHL. TDLIIT,
CNN Tl2) FLBAAD WK TH > T MNB Tl
ELLGHETELbDLH 5.

%B, MNBDO7 4 V5 b ANx K68 55125 LTI,
SVM D7 4 V% L[REKEIC CNN D7 4 )L 7 12IRIFAE S
NpEFAIIEZL., ZOHEELT, £5 256, WHD
T4y AIE LTRSS ) o 2 T v 218
L2 WwIiZdhb 59, CNN2TE D 21T TMNBH
ELLPETE T TV 3HETHY, 12, MNB 7S
LD ZIZFLTONNDPIELLGETE Ty 7 ViE 11 @
BHEAELTWAENLTHLH., i, CNNDIEL 48
T&A5Y U TNOR3T%% MNBIZIE L pHETE R WS
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LERRLTVA,

CNN 2% ) ZIZ¢H > 7% MNB 2SIEL { ¥ T &
LB TH LA, HiEr N7 MVICERT DERHZB W
T, WEBOHEASEICT5 I LI0L o TUEDOWE %
ML, BROb) Z9) ZHEOAT ) T IHEHT LV
B T2 T o T A6 THIDOTE RV EFE R
bNA. THIZED, FEIC M L7 Y TV EIEL <
HHITETWBL ERDbR, ZOHTIESVM L) H MNB
DIFH) DB D TIE RV EFER T2,

6.4 CNN & MNBH»EWZIETAERS B HVERD
=R

KEiITIX, ANERLELWiikIiZowT, CNN & MNB
EDTANYDEREERZET L, £5 L0, JkEELIC
B LT CNN O 7% 14 i, MNB O3 A 8 A,
CNN+MNB OGS 5HTH A Z L2 5, CNNATIEL
{A33E L C MNB 2508 L 72 0l 318, Fos8iix 9 1@
L b,

MNB A 1EL € 4338 L C CNN 25350 L 72 O D i
5, f{FNR 320y TV ER 22, 23, 24 12
NG

22 TlX, —W 3% & bombard my Twitter crushes

It's my birthday next Sun so | need my peeps to
bombard my Twitter crushes so they tweet me
@RogerMathewsNJ @hbulldog_nj
@GabrielMacht % <NL> @LisaTrampolina
@RogerMathewsNJ @bulldog_nj
@GabrielMacht Bryan especially will wish you
the Best .

22 ONN TS MNB CTIELL GHEINTAEZR LS,

WELIR 1

Fig. 22 Example of description without making irritation by

CNN misclassification and MNB correct classifica-

tion 1.

Bon, vous avez voté aux 2/3 pour un animé
<NL> Donc ce sera sur un manga . <NL>
@MlisterEnzor Counnard

X 23 CNN TGS MNB CIEL (SN ANE RS E 4
WELIR A 2

Fig. 23 Example of description without making irritation by

CNN misclassification and MNB correct classifica-

tion 2.

Sane, Stones, Bravo, a right-back and a striker .
Happy ? <NL> @Llandegren Think we'll have to
be happy .

24 CNN TGS MNB CTIELS G ENT AR LE %
Wi B 3
Fig. 24 Example of description without making irritation by

CNN misclassification and MNB correct classifica-

tion 3.
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LREOYEELRABR RN LD, TNIXKRITSLILHT
birthday IZ2WTEELTWwWA DL BEbh b, CNN TiZ,
COWERRFBEBRAATANERLEL L0 LB LT
75, MNB T3, bombard, crush, peep 7% &EOHEDEK %
FOHENH 5 — )7, birthday % best D & 9 L IEDHE
WEFOHEL GEINTWVE D, AT E872 0 &I
L7z S NG,

X 23 128175 CNN OFRSHEOHAEIE, T DFtkas3E
FETCIE WD TH A, EFEIIBWTE, HiEx Y
FVIZZEH B, R ENTWRVHEEERT V¥ LN
7 MVIZEBRENS -0, CNN OEARARIK L2 E
MM S5, MNB2SIEL T E 2B ENE, © 15 O
HEFRRIC, YLy MVEEZONHETH -
Th, ZNHOHBUIRN A SIEL 0P R D60 H
LOTIX NSNS,

M 24 IZRENDIEENE, FXICCNN O EELT
Wb, ZDFESIIE, Happy @ & ) ICIEDOEM 2 FiDOHE
BHY, NeBo5ErEFEITR Y75 % . CNNIE, %
HBRICBWTHEMEIRBEICRLEARAIEOC L) I
FHE LTS, SRS ES NS v T
EENTVE L) DICERE L, SROREEI R K
5EICEEEIT). CORFIE, FIXINITHELTS
FrINVEHNENS, —F, MNB TIEZD L) %RE
B Bwew, TORFEFIELISEINATWS.

PbE&h, N2ROoE2WiElRIZBE L T, CNN D7 «
WVHIEMNB D7 4 VZIZIZITOEENL EHALIEZ
L, FOHHEELT, 506, NHFOT7 123358 L
TS L 2IRER LoV IV 5 L2722
HEF, MNBAE Y ZIZLTCCNNAPIELLHHETE
FUTNVIE3IMETHY, W, CNN AL ) ZIZLTMNB
PELLSEHTELY Y TIVRIMBELELTVED5
THbh., Z1E, MNBOIELLGHETELH Y 7LD
15%% CNN I ZIE LA GHEHTE R W L ZRLTWA,

6.5 27 1L EZDOMEEICDONT

6.2 fi~6.4 HiCHE LX), PHEEICL-TELL
GHETELLDETELRVLDODBH LI ENGND. £5
£V, CNN, MNB, SVM #% s L 724558, JkEH D I2B
VCIE ONN 2SS0 —F A %, BEZ LICBW T
MNB 2S5 05— F L% koTwb, 2Fh, CNN &
MNB EHEWICHZEREFRICH Y, REFEO L H 2 ONN
& MNB Z#laGbE77 4 V805, NERLE Lk %
TANI) T TLHDITHELTWAEWNWR A,

—J T SVM IZHARTRHIIT % &, JufEd h oa121
MNB & RIfEEORGHE, K% Loa121ld CNN &
FREORSEZLTEY, HE HHUREFEC 2V, &k
|2, %5 @ CNN+MNB, CNN+4+SVM, MNB+SVM D1
*RTY, BOEN—FL L VDOIZ CNNLMNB TH 5.
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6.6 FRALANY Y 22TDOELMIIONT

32 HiTlRR7z L 91, RIFFETHERE L Loy 2 ay s
WS #angry, #fuck, #bitch DA TH LML LT, 2016
FEI10H 7TH2S 10 A 13 HOBO Y 4 — M %, Twitter ®
API T# % REST API % Ji\» TYWIE L 724558, #angry 2%
5 &N72b DI 106 8, #fuck Db D1F 136 18, #bitch
DLDIFIBWTHY, ZNLHDO DL DIE 30~40 fHI12 &
EF oMb THLELTWED, ZNLUAND b DITAF
FTHRE LW T =5 & LT, Z2O8% EMICEEERET
WCHEELCLE 72, 22C, WE, 201748 A 19 H»
58H2HO 7THMIZ, R APITY A — s 2 BUS LE %
AL 72, FORER, Hangry M5 E N2 DI 62 1A,
#fuck Db DIF 136 1, #bitch D d DX 206 HTH Y, &
MEDKEN O Loy ¥ 2% 713, Fanger 7 41 1@,
#holyshit 7% 32 1], #cunt 2% 175 1F, Fasshole %% 365 1,
#bullshit 25654 B & o 7. L oT, Ny ad 7Hft
oy A4 — b, BIZXoTHLEREVDYH LD
Do 7.

7. FEOH

SNS DIFEZIC LY, FEDAHMICEA L IR HIZRET
XL &9 ot LL, BbRaBESEVANEEDITTL
F)2EdbHb. 2T, AL CNN & MNB Z#A 5
bEL2ET AV EHWT, ThrbRESEIhEH) L
TV b0, BEIMAZBROELESLHEMULTNS
MNED D, BRATCHERR T 5 LR RE L. AFLEEH
W EIMMAZ RS- S IR L TRl 2 47 - 724
FHHH L2 WIS Y TV EMH LT, AERLYE
RS EROERDN 0T & 92.2% D (Accuracy &
FEOR ) THETE77. —hT, SROFHmIZB T
1$, Twitter API DALk L& % 2 2 WEEH 25423 12 H
Wie T =y mhb e, RRREEIHVWONLHER L
NZIELTLES7. LAL, T— 724 EDHLNE 2
UL, CNN OFtE |, FACREREC b 3T & 2 W RE:
3 5. MEFLEORRKOFERIL, (ERDOBIFED L9 I,
FORENFEOREEF IV 2= EFHCTHWNT HDT
3%, ZORSIVMMEIIRITTEEL, MmEOHHEKR
POTFUMTHHICH L. KFEZHNL, BECMAZ
BOG/HSLEHU L TWAREDVD LE12, Bhaaric
FRAFECHSEE 2 EDMEEE b, 19k, RETLELH
Wiz LK AAERLT UL, FIHE SRR ENE L
FHEREL 720, HEHRZ L VRO TES.
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