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Scenario Group  Length
o A 16:09
Task 1 Strolling in the park
B 18:10
A 26:05
Task 2 Road race
B 26:05
L A 15:01
Task 3 Strolling in the street
B 18:40
Task 4 Shopping at a st A 18:40
as opping at a store
PPing B 17:58
Dog-centric videos A 9:08
Task 5
(Videos recorded by a camera mounted on dogs) B 21:05
Task 6 Playi lleyball A 9:08
as aying volleyba!
ving Y B 14:21
. A 13:27
Task 7 Cooking at home
B 13:58
L A 34:25
Task 8 Playing in an amusement park
B 34:45

R1 SR 7

Detected Selected 2) Road race

Detected Selected 3) Strolllng in the street

Vol.2017-CG-168 No.4
Vo0l.2017-DCC-17 No.4
Vol.2017-CVIM-209 No.4

2017/11/8
Target scene Target time Source
Recording birds 11:08
R YouTube
‘Walking near a car 14:05
Waiting at the traffic light 23:17 m
Waiting at the traffic light 9:48
A bike cutting in front of the recorder 12:32
YouTube
Arriving at the river 26:23
Taking a cup 13:05
. YouTube
Taking a bottle 9:36
Passing a car on the road 15:05
. YouTube
Taking a rest 4:50
Blocking a ball 6:10
5 YouTube
Setting a ball 7:55
Taking a bottle out from the refrigerator 10:48 6]
Returning eggs to the refrigerator 13:08
Buying a beverage 31:30 1
Operating a cell phone 32:24

— AHERD T =5 2 v .

Di d | d 4)st ing at a store Detected  Selected

Object cues Object cues 7 Object cues [+ 4 s Object cues
Person Bicycle Person Person Person Bicycle s Person Person
Car Car Bicycle Bicycle Motorcycle Motorcycle Refrigerator Refrigerator
g Bicycle Person R Car Car = Bicycle Umbrella Bottle Bottle
Truck Bird | I Traficlight Trafic ligh A Umbrella  Boat | cup Cup
5 Bottle Bottle m Motor cycle Motor cyc! Cow Cow > Toothbrush Toothbrush
Bird Truck Truck Umbrella EZ Boat Truck v Cell phone  Cell phone
Detected Selected 6) Playing D | d 7) Cooking at home Detected Selected 8) Playii park D
Object cues Object cues g e Object cues Object cues
Person Person ¢ Person Person . ;' Bottle Person Bl Person Backpack
Dog Dog Car Person Bottle Potted Plant Potted Plant
Car Car Airplane Traln — Bow! Sink 5 Backpack  Dining table
Chair Chair Train Trafic light S Dining table Bow! = . Dining table Chair
Train Train | Bench Umbrella ’ S Cup Refrigerator Chair Suitcase
. Backpack  Backpack Sink Airplane Sink Tv Cup Cell phone

B 5 ZnZhoWgIcud 2, BEbo 7 L —20fl, B D% k4 (Detected object),
RET LY RLTE RSN ¥ 2 — (Seleted cues) .

B L 7 R,
%ijﬁsﬁﬁ)Lmbﬁf%@%2$?oﬁﬂ6$mM

NL—F—), BH6], 7—< =271
L7, WRo—iBIdBET—% 2y b2FIHL, &D o
1% YouTube 12> SR L 72 b DT, EESINEHARME
DLDEMEL, 16 ADWEERK 1 DI I I/ NV—T A
& BIorF, FEERSIME I T D Vv — 7% DO-Scanning
T, bIHIFHD )V —7"% EgoScanning % F\ > CTHIE L 7-.
8 HH DG Z nZ s LT, Bho 7 L — 240,

BB D% 2> > 7R %, RET L) AL TERS 1L
X a—%FLDAbDODBHS THE., ANWHRIZAD

CHELZIEHOX 2 -4 727 bFxa—LLTH
PRI, RETLVIY X2V 2 LT, Hiffik
BB OL WIE L 138 % X 2 — BRI N, #HIZ
1E, ‘person’ & EDWYFIZH L THMH I LT 528, W&k
3 (strolling in the street) & W45 8 (playing in an amusement
park) TIEMHRD KM THITHEMRE I N DL -0, BE
T IY XL T ‘person’ IFHEITR\WF 2 — L BTSN,
BIRIN o0, TOXHIE, BETLVIY XL E2H
52 L TR RERET 2 LI RIELEF 2—%2507F
WA X 2 —DAGDOEZFIRT 2 2 EVHREL 2 5.
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Wiz FIc oty —v i) RIIThRS, REEIPRE
DIRWPHINIC W By —r (REZ & 23— oJIdIcH
BLicy—vil) bHW - E L TGEEL .

5T, FRAVETIRMD S PFREHE 2R L 7.
SR ERE XA v 7 = — ADEHE R X 5 RE
& LT Higuchi 5 2] EALZDDT, HINY — v 3B
BRNTHLE L T\ 2 IR (38 1 D Target scene) % 5 A 7 5¢
TH%F'EJ"GE‘JOK?{N)"G‘%Z) PHREEEDIRE WS AT

BIRINCHNS — v 236 AR R S AT L T2 B,

200)4’ V87 2 — A% T 57 %12, DO-Scanning
1% EgoScanning & 0 b PHRTIHEED S & v ) ki 7
T, PRI B 3 95%fEHEXH E <> - K4 v b
=—® U WE % Julc Z DIRELZ WGEE L 72,
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EgoScanning DO-Scanning

10 2H 30 40 5 6 70

Q1: the ease of
interface uses

Q2: usab|I-|ty of 10
provided cues

Q3: usability for
unseen videos

Q4: user experience!—‘

6 FHEEHliFEE, BB Do-Scanning B D%,
{4 : EgoScaning 7.0 A%

4.3 AV 57 1 —ADEEHFE
FAVET, ERSMBFEIC2O004 87 2—ADE
BRI 7 > 7 — b 247> 7. EMFHEIZLT D 45TH 5,
Ql: ELo6DA VI 7 2 —ABEBRT o0
Q2: HIZ —VITx L TF 2 —#ERII L 53R 5 H
Q3: WHOBHRIIN L TELLDA VI 72— ADF 2 —
DERIND EEL WD
Q4: EHLoDA VI 7 2 —AEME) DHBEL ip
Mz zNnzZENNA 4% 7 —A (DO-Scanning % 7,
EgoScanning % 1) & L7z 7 BB OFtimhi 2 HE L, &
BHRBELE6DA V¥ 7 2 —ADHITYTIEE 3007
A THEEI L, £, SMEICHLTI10 0BRED A
YHE2—2fT», I-YREDLIILZNETNDA VY
72— A EDLYIMHL o zfiE L 7.

5. #R

51 §RAVETHEHE

20DA4 V7 2 =AM THToFEBRDY A V5%
Refi] & 2 220 5 EHRL U 7 PR BB B 0 11 S OV HE R 72,
PR IE D 95%ISHEXE, v v« AL v P =—D UMK
EDpEER2ICR L, 5%EFEXME~wY -« KA v b
Z—DUMEZ AW THREZIT> 7 & 2 5 Task6é & DAD
4T DOWYE T DO-Scanning A DG RHE 54, Task6 T
1% EgoScanning EA DFFRBE & N7,

5.2 EHFHERER

TR O R 2 X 6 127, FEMICH L T, Do-
Scanning & DR % 4T, EgoScanning 5 & D i &
ZEMOTR L, ETOERMICH L GEEEROSNE D
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Task DO-Scanning
as

TCT (A) TCT (B) ASS Lower  Upper
Task 1 17.8+4.1 458+11.8 298 +12.6* 23.6 36.0

Task 2 64.4+17.4 56.8+22.3 18.1+8.47* 13.9 222
Task 3 35.1+22.7 23.5+8.26 39.6 +23.3* 28.2 51.1
Task 4 329+10.9 61.4+20.4 18.6 +10.8* 13.3 239
Task 5 30.8+11.8 574+31.0 22.8 +24.3* 10.8 34.7

Task 6 = 218.4+110.0 3294+1499 2.03+1.11F 1.48 2.57

Task 7 53.6+9.58 53.4+179 14.3 +3.95* 12.4 16.3
Task 8 48.1+£41.8 38.9+26.2 71.6 +53.9% 452 98.0
Total 501+176.0 666.4+199.8  13.7+5.64% 10.9 16.5
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EgoScanning [2] ASS-p
TCT (A) TCT (B) ASS Lower  Upper
57.8+14.8 78.5+£9.6 11.7+£2.98 10.3 132 0.00000513%*%*
154.5+70.2 139.0+£76.2  8.31+4.83 5.94 10.7 0.00301*
248.8+139.5 57.5+17.7 11.8+9.71 7.01 16.5 0.0000409%*
81.6+35.5 104.3+£532  9.22+4.62 6.95 11.5 0.00221*
91.6+£35.5 169.9+747  6.92+5.94 4.01 9.83 0.00280*
128.0+29.6 158.4+64.7 3.26+1.001 2.71 3.75 0.001217
76.3+25.4 105.0+24.8  8.78+2.94 7.33 10.2 0.000212%*
111.8+51.9 76.4+18.9 23.8+8.46 19.7 28.0 0.000119%*
9499+191.0 888.5+7.84  7.84+1.70 7.01 8.68 0.000138%**

]2 EEIMEAEE. TCT: 7—% €y b A & BIZWd %4 X758 7K (task completion time).
ASS: PRI HL (average scanning speed) D -¥ e OBEHERR 722 (« 95 RASHEIX [HCH 2%
MG S NIAER).  Lower, Upper : “PHIBIELEIED 95%EHX O T & B, ASS—p:
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