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1. FLC®IC

V7R T TRCBWT, Ry 7~ 7R
TR AFKRES I DT ND. KEBIZIE-oZD LA
WESKR, X S RWEEMER, RREDT NI ALY
Bk & Z A AP S BBATVS. 2O XS BATHEDS
SRV T U T DONTROREEIREHIFEES 2 A &
BoTW5b., ULENR->T, Rl 2aBF LY 7 Y
7 FHFE I EBERHIAERED 1 DO TH 5.

Garlan &, FENPZT VWS BEPSFEROY 7 h Y =
T LI OWTE U7z [8]. f%iF, Tava—XRENT
HARETH O FEHI & UTHBICHRETE, 7/, £ o
FEREERTEH K VAT MMIEEDE N L S ITHRFF ST
5, LWOMEHIHEWTY 7 MY 2 T LEOMEIRITDN
TWa] LFERLTEY, V7 MYz 7 LHOHEBIC AR
NI EARIERITNER SR VERRT WS,

V7P THBECE TS RN SITIE3 DD XA
7" (Known Knowns, Known Unknowns, Unknown Un-
knowns) #%% % [2]. Known Knowns X 1 7%, AHEM X
PEELBWHEETH Y, ZL<OEHNGEY 7 Yo7 T
FOWRIZB TR THNTWAS. Known Unknowns
247N, V7 hY T RFE T E R AR AR 7R A
FHETHHFETHS. L L, Known Unknowns X 1 7
LR
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TlE, ZORMEIRMEIZFBEPHEE L VW2 AT —
IRV E—TRE, EIhTwE, flziE, #HEor
NANEIENDDDPRSRVERDEIZ DR A TDOARREN I
W7z 5. —Ji T, Unknown Unknowns &Z 1 7%, {234
DL THE2NDLMSRNT—A%2ET. 2FH, ZTOX
A TERMBIRTHZEIFHLL, YOLSRMENEETS
PRTFHAEETH 5.

AFETIE, EEOV 7 oz T7HETBY 22 Mgk
W, DL BRARMHENPSHARMEL > TWB %S H
1295, EBRIZEFEELCWAMEEHEICT T, V
TN THFBEEMIIAZENTEEEEZITVS. HI
=TV =AYV 7 7 (0SS) Yuvy=2 bR
JBREDAIYy MAy =V HI2I2LD, ThE
NAHENRZIZRTF—T—FNE2EAZIIY PORENE
2B BIEA E TS S,

LA, 82 ETIRAMI S IZHT 2B EMEZ/HENL,
Z DORE A2 FITE 3 HTHFGEREIC DWW TR S, 54
HETRZTNETNEBHD 0SS 7uay 7 bEXRE LA
e X IZBT 20217\, TOMEERT. HHHTH
WMHEADZBIZOWT R, FoETILDETS

2. VI7hDITRRICETEZIENS
ARFETI, AhED S IZBS 2 BAFTFE O Bl B &2 i 4
35, ZTO%, BEMEOHERIZOVTHRY 3.

2.1 THEHISICET ZEEFEFR
SEAE, R IS ICIEFICER SN T WS, i
MEIZETLETF—~<& LTk, T—VETFTY VS, UML
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EFVVT, VI NI T T—=FT0F v, ETINEH,
FAN, MGE, N7 A< VALY, HOHEEY AT L%
ELZIIZhT-5.

RFR IR A HED X DRFFE L LT, Partial model % i\
T Known Unknowns X 1 7D AN S 2 RET 2 FIEN
Famelis 512 & > TREINTWS [5,6]. Partial model
WESRE T IV B B REP S ORE, RHENPIZEST
ZEIZEBETNOUE, FiE»rS2E0ETIVHOBR
DELV—=HPEY T4 ANOE®RDONE, TUTHEKRTZET
IVIEITTOARTHED S 2K 5 TEHDP K EDRETHN S
NTW5., Esfahani 51XV 7 bV =277 —FT727F v D
DB VTORENP ST DOWTHIZERTT> T3 [3,4].
Letier HIXERX 7 —F T 7 F v ITB I DAL MENL I DY
AT NG ZBEY, RHEPI 2 ST 2 & Offifl % 5F
fifig 2 TP &35 FEEZRELTWS [9]. Elbaum &
Rosenblum &, RHENSRY 7 U7 TFAMIED &
DIZHET N VWISHEZITHR>T WD 2. T DM
6, HOEIGY AT LIIBT B AN S O, i
SEEBATIRETORRXEEEO SR E L {Thh
TW5.

2.2 THEEMNSODEE

AEITIE, V7 MUz T LRITET SRR AN
DREEEANT 5.

THENMSDES

Perez-Palacin & Mirandola (& H Ci# > A T LIZH T
BERMENSIZDVWTYATYF v 7 L a—%{7\ [13],
b L <HVWSN D AHED X DEHIL, MRCHERK LA
TP E LIEEN S HRBRDOLF &, R D A
WP L Vo270 AT 2RI LB DTH 5.
tFELHOHTWVWAS.

O S D=RTHHE

X 517, Perez-Palacin & 1% Walker 5 OHff5E [16] 12>
T, & (Location), L~ (Level), M (Nature) 7
SR X N5 =Rt/ %E (three-dimension classification)
ZRRELUT-.

PLETIE, SR (Context), i (Structural), AJI/R
7 A —2& (Input parameters) @ 3 DIZAHEN I DINFHX
nad. Xk, WE, AT A=XRIE, ThETNFE L OB
BROENMI L > THEULIREIE, ETIVHKROEEDR
WP, ETIUADANT—RIZLBARMENE, WS &
SIZEDEATHND NS THEPEFHRURT.

LAV, 4 BB (1st/2nd/3rd/4th) TIERAT ST
W5, 1 EBHEHO ARSI, WRITTHLL S OMEE K
HELTWDD, BFEEXZDOREIZODWTRH#ML TWBIR
f& (Known Unknowns (ZFHX4) TH 5. 2 B H DA
S, M#ERFELTCVWDEZLERHBTETVARVIRE
(UnKnown Unknowns (ZfHY) TH 5. 3 B H DA
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% 1 Perez-Palacin 52 & 5 R ffh X DK

Classification

Source of Uncertainty -
Location Nature

Simplifying assumpions Structural /context Epistemic

Model drift Structural Epistemic

Noise in sensing Input parameter Epistemic/Aleatory

Future parameters value Input parameter Epistemic

Human in the loop Context Epistemic/Aleatory

Objectives Input parameter/context Epistemic
Decentralization Context /structural Epistemic
Execution context/Mobility context/structural/input parameters Epistemic
Cyber-phisical system context/structural/input parameters Epistemic

Automatic learning Structural /Input parameters Epistemic/Aleatory

Rapid evolution Structural /Input parameters Epistemic

Granularity of models Context /structural Epistemic

Different sources of information Input parameter Epistemic/Aleatory

T, RBTETVWARVWEWS 2L EHEET 5720070
LADRRELUTWHIRETHD. 4 BEHOAHE» S,
CITEZEUEAHEPSOEBEZTDOED (A XL AL) A
AHEPTHE L VWIRETH 5.

PEE L, B (Aleatory) &#i#k (Epistemic) &IZ403H
END. MARITEANRFRIZEIDE 6N D RN
T, RMIFONDET—ROALERE, F7/21E7— XEH
DR LI X B AREN T KT,

¥ 7z, Perez-Palacin & IXARHEH X DR (Source of Un-
certainly) (Z2WTHRIDLIIZHELTWSE., ThT
NATED T DR O HHA7E (Location) & HE (Nature)
MNHARLE T WVW5.

Bl ZAE, AT =2 RN & =D& O R 70 BRIE AR
NI DOHER L U TIE Human in the loop & 4, =¥kt
DFETIE, AElE Context TH Y, L~)LiE 1st (Known
Unknowns), MEIXERER (AT —27 RV KX —DfFkDHE
DPAMED) LI D., ZRIEDFHO EFRITH A
GV ATLTHE2HDD, MOT TV r—a vy FAA Y
R UCHEHT I LN TES.

3. HREEE

B OWRIZE T AL X DR 2 R llfH 2 HF-> T3
LEDOD, AN IZET 2FEAMFRIE. 72, BEak
NOEBOTa Y7 MZBWT, ¥D &S EED K
M DFKIET ZDIZDONVTHIEIZ T T VAR,

ERIZHEEL TV B ARHEL S ORBEIZDOWTH S 2T
58T, V7MY zTHFEEToTWL ETHAREG
PEONDZDTIEZVWIREEZ NS, HIZIX, DL
BRABIZIIAEDI I NS D, Tz, Bk, FHEF, £
ITNETNDED LD Y —V TAREEI I IZHNE D1
ZLT, RHEPZTOMEIZODVWTHIGLR T RS,

FITEBIFAET S 70V 7 bORENISITIE, &
DEIBEDHPEEL TWDB DD %R 5 72 DI AR5
175, SEIZ, EHD 0SS 7u Y7 - ORFEE % %t
RKRELUTHNT S, AL TIE, FIRBEREOEED S A
MEETOY 7 NORPSHIHETA2FEELT, 23y
MAYE=VURRNRIZTFA NP EITD. ZDEDIZ,
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xR 2 FhfEhTsLeyF—U—F

ambiguous faltering might undecided
ambivalent fluctuating obscure undetermined
arcane fuzzy of two minds unforeseeable

blowing hot and cold | hesitant open to question | unknown

chancy in doubt probably unpredictable
changeable in the balance | risky unreliable
debatable incalculable tentative unsettled
dicey informal iffy todo unsure
doubtful irregular unascertainable up in the air
dubious irresolute unclear vacillating
erratic may unconfident vague

FEA NI & > TRIEN S OFFE SiEZREL, fR
W U CTHBATHELZTS 2 TEBO Yz 7 Mo e
DI RN S BFEET D0 ZHSNIZT 5.

4. FEHIZTEZESLAIY MYy E—YDHER
DT

AWFETIE, A, Z2ERTF—T—-F2E5L33IV b
Ayt —VORMEMMT ST XA NN ETS. B
W [12) 12 & b 7 F A b ORHEE 2 B st 3 2
ZENHRETH D70, ZOMENEEZA WS Z 2 TEL
DOSS 7HEVZ bDaAIy b AvE—IURHAWTON
T5.

41 FT—=%tvh

AR TIEI Iy MRALON—Y a VEHY AT LATH
% Git #ER—AL LY —2Aa— NG —EATHD
GitHub*' %5, 0SS 7uvz 7 b2 AF UK. —RNk
K& 155729, GitHub 7 5#/EAIC 1,444 [HO Ty =
I E#EKL, X%y b U7

Friz, IIY MTREROY —Z23— RPLHEDAES
E% K DIFEWRPFAET B0, KR TIE, AT 2Fke
U T tfidf [14] 20T F A SO 2D 728, FFKE
HMPN=Va VERTIEOREE TSIy b Ay
VT ERARLELUTHNZITS. IV Ay -
U EMHALUZAOZLMEIZDONTIZED 5 BTHRA
5. RTCOIAIY MAVvE—YDHFNS, RiENrIE2ERT
F—T—REHATVWSIIY MAvE—VriitiLTH
Mrixiged 5.

AHEIP S #RTF—7— N & LTI Oxford American
writer’s thesaurus [10] £\ 5 REN 72T — 7 A EHFEDP S
Uncertainty IZBh 2 FKiELZ SR UIRE L (R 2).

4.2 770—F

ARENIA D X OFFE ST 272007 70 —F %R
I. AT T —FIE3DODOATFTY FIIpIFE. ATy T
1: FENPRSI 2RI F—TU—FN2ELIIV M AYE-Y
M5, tidf i [14] 12 & > THF— 7 — NgORFEHFE % Hh

32, 25y 72: A5y 71 Tl UREEEDL, S
g EEE M TS, ATv T3 ATy T2 THIL
AN S R KT F— 7 — REORMHHEL2 LU TEAR
LI ERTF—U—FNOREEZHSMIZT 5.

UTIZEAT Y TOFEME RS,

421 ATy 1: F—7—RBORFHBEEEZHMHETS

Iy bMAYE—=VIZIE, EIZZFOIIY bTHEFIN
T=ABRRPARIZ U CHBERL D W22 LIz DWTHR
NZHDOTH3. IIV MAYE—VIIHARSIETHERS
NEHLOTHSE0, THFAMWIZE Y FTORMBIES
T2 RARETH D, AENIZRTF—T— %
B3IV M AYE—UhSF—T— NaOREIEIEZ
H3 2772012, £9, 7uvc s b EIIARENZ KT
F—TU—RNEELIIY MAYE=—IYDS, HEF—T—F
DORBHEGEZMIT 5. 20%, £27uY s b OREE
FEEF—U— NEICHA U CRBIRE 2 BT 5.

TuY s MEORBEGEE M T 572012 4 DDERE
T THEZ T 5 72, SEEIXIFOED TH 5.

(1) 233y MAYE—VDORFBIBMHEEEY 2 M EHE
ERS)

F =T = ADHEHRNT Y AT L TH D RZD T F A
Nt B B REN L tm Sy =Y [7] ZRIHLT,
AV PITRTOIAIVIMAYE=VR1D1D0D
XEE UTERBLT1I 2D I—NRAEERT S, 20—
NRAWZ, BaAIv M Ay —YDAFHEPEAET I
Wa bRz, BEEZITEKT. T0%, FUEKRDHREE
ERREOEWNMIELD ZEHATYMLTLED Z 2P
72, AT IV THEOERLITERL, £33y
M AWt —=I2H BHED ti-idf DMEZFHET 5. thidf
1%, tf (Term Frequency, HFEDHBSHE) & idf (Inverse
Document Frequency, #iXFHE) D 2 DOHFMEIZH &
DWTEIREINZMETH S, ti-idf DIEIEWVIE EHED
R KRE L, MWVEEHFEN R E 705, EfhIC HiGE
GO tf-idf OV & FE L CTREEE LT T 5.

(2) THENrIAZRTF—TJ—RE2ECIIv M Ay E—D
DORHEMEEE) R N ailEd 2

PHEPRIERTF—T—F2ELIIY MAYE—UR
LEF—T—ROHEY A% (1) LFEBRCHET 3.
(3) HFHBEOEDYRAMNEES

(2) THIHUZE A IS 2RT F—7 — NEOKH
A EHE) A N2 ATy T 1 THHLEZEZETIIY M Ay
YL —VDHEE) A NI UT, AN ERTF—T—
ROPZEOBMAE, S, a3y Ay -V DHEDR
BIEZFIWTEDDOHEFEY A M 2ES.

(4) Z90° 0 UL LORFHBEL THET 2
(3) TlEOSNEZERMHIPEE2RTF—7 — NDHEE

*1 https://github.com/github
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*2 https://www.r-project.org/index.html
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FVARNPSESP O EOSRMETE SITHiE T 5. A
MEERTHF—T—F2ELIIY MRy E—VDORHH
FEEE, 233V P AYE—VICBWT RN HEEE (K
BUEAME\) TH DD, AN Z2RTIF—T7—-Fz2 80
IIY M AV E—VIZBEWTIIREI 2 BEE CREEUE DY &
W) TH5B. ULhoT, HEEOREUED AN IPRKEWIZ
ERMEPE 2 RTF—T7 — NORHEEGEL 72 5.

£70Y s MU E4DDEERIT - KR E LT,
#HTUY 27 P TOARHEDP S 2RKTF—7 — FORHGE
BT E S, 2Ih6L2TuY s MIBWT, {40
NI ERTF—T — FOREEHZEY X MPMEKTES. L
MU, HEEOENWNITED L, O HGE IR
BEEEVHVDOT, FENPIERTF—TU NI LD
BHFEOADEZFRIET b v 720 ORBEHGEIZRE L T,
E7uvz M MIBVWTHELAETeY 27 ok E
53 DN R O E BRI (Coefficient of Variation) [1] ZFf
HY 5. EERBITED OBMERE %2 VIETH - 72 fH T
bH5.

BEED 5 DY R E VI EREIN T, 2R S
WIEEABOMERKE W, £, REOSFIE~Y=a2T L
TIT2720, PP EZRTF—U - FOBHBEIZLD
by 720 DRMEN S ERT F -V — FEfhilid 5.
422 ATy 72 FHBEEICRAS T ENVWTERALE

HEZITHET S

FK2THRUEEDIZ, PHENRTIEZRTIF—T—FIERT
WRALEFHTHS. £oT, ThoDPHVWLNT WSO
IV NTCME T 7200 % HlET 5720, #ial L BHEFZT
EHiH I 5. il AEE L TlE, R D openNLP /¥y 7 —
Y 12] WS, openNLP Ny 7 —Y%2HW5HZ & T,
>k Pennsylvania K% ® Ratnaparkhi 23B8 ¥ U 72 Maxent
ETN (15 ZFHLU T XEREOHGEIIR T E2DIFEIENT
& %. Maxent €7 )ViE, HUKFD Marcus K5 5 4E[T
fE o 7= 5GE G X 2 (Part of Speech Tags) 7 — X X— A
(The Penn Treebank [11]) 23D WTHFEINTWS., Z
&Y, A7y 71 Tl UL ARE»r T 2R ITF -7 —
N ORHHHEEY A M a2 %50 Hi5E & BiF R X 7 & ]
T T 5. FERRIZ unknown F—7 — Rz L TR
HHETE2IT o 72ERER 3 ITRT.

4.2.3 RT7Tv 7 3 FHEEBEEOHSH

RAT Y TTIE, ATy 72 THIE LSRN 2R
TH—7U— NOREHEEZ AT 5. ZTOHK, SRFEEGEE
DEDDFI BRI EDE T, EAENLI 2RT
F—U—RERHETE. SEERP OIS ZRT F—
T—RE2ELIAIV M AYE—IUNRED LD BREHBRS
NarxHATHET 5.

4.3 PHRER
AHiTIET—XEy NTHB 1,444 D OSS I L T,
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xR 3 Wi 7 E OREHEEY A M (unknown) D

Word | Mean (¥1#5) | CoV (ZBfF#) | 7OV b POS ¥4
type | 0.01874571 0.853236928 808 NN (%)
error 0.018047575 0.913466452 903 NN (%)
messag | 0.016683953 | 0.901754048 590 NN (%)
ignor | 0.016163827 | 1.080568182 528 NN (%)
return | 0.015338545 0.8766055 677 NN (%)
handl 0.014811577 1.105870303 605 NN (%)
reason | 0.012827254 0.873758822 666 NN (%)
name 0.010824656 0.98421489 531 NN (%)
report | 0.009979287 | 1.080975554 539 NN (%)
case 0.009530822 1.082011154 500 NN (%)
caus 0.007997205 1.138618122 538 NN (%)
will 0.00708426 0.902794009 592 NN (%)
warn 0.016426316 0.911621722 479 VBP (@)
fail 0.01033176 1.012432553 543 VB (@)

tri 0.008507029 1.229532611 507 VBD ()

x4 FEEEO R
bl L]
Programming AT A AN
Programming Operation ~7HZ2'7 I V7 OEIEIZET % HGE
NP E 2 RTF—7— FEBIZBIT 5 050

Self-Reference %< DB LT B
Uncertain RHfH & %2 KT HEE

General RS R, — RN 7 R
Bug error, warn, bug O\ 1h

A2 B THARZT To—F @A UIMH USRS 2
KT HF—7 - FORMEGE, R, TORMENPIZRT
F—TU— NI E AR ERT.
4.3.1 F—T7— RS

F—U—RNOQHEIZOWT, TITRMEEL2OHELT,
ENDORHENP T ZRTF -V —FNE2HT 5.
HHEEDOIR

K2R U 20 [HOARHEDP S 2R F—7 — N O
BEEDZSOEINE TR TH D, BEREBD N E
WIEERBENE . £z, ZR0OEHENREL, »OEH
REPEVHIEZH 5DE T UT s MIFEL, TD L
DM HEII RN S A RTF -7 — N2 ENHENZ
LGB, SR, BRIEIEAHENPSE2RTF—T—FND
FEOEGE%Z 6 DO B L 72, R 4135 RV 7285
Ths.

AHEN X B RT F— 7 — N OREHGE & B EEEED &
FHIFE 5 TRY.
TN ERTF—T7— RO

B2 IFHIHICTAEI N R EUEREE 2 LIS AN T 2 RT
F—U—RNE2QHEETR-7z (£6). TNTHhOERNILHR
7 TC/RT.
4.3.2 THEHNEERTF—7— ROFHEIHT

6 CRULMGREWBHEO M HEGDETF—T —
RN Uz, RIS 217> 28R, R70ZThTh
DFHNZ DWW TR REHA AR S 7z DIZ DWW T
25,
changeable 1 l% changeable 253 3I Y P A v —

VO—flTH%. field ¥ state 5, ZEICEHT B HGE
PHET AL SNz, NI A= RDHEHFEDAR
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K5 NPT E2ETF—TU— FORENEL TN

Uncertain Word Programming Programming Operation Self-Reference
ambiguous call, valu, type, case renam ambigu

arcane trigger, damag, stack build, make

changeable field, set, cach, default make, offset changeabl, chang
debatable case, system get, put debat

dubious valu, code, bit, case replac, get

doubtful doubt

erratic enabl, issu, behavior, result, logic errata, erratum, errat
fuzzy test, input, requir, code, number, unit | got fuzzi, fuzz
irregular break, switch, pass, valu

may case

might case, tri get

obscure code, case, problem, result, need get, call

probably get

risky secur, case, data run risk, riski
tentative method, implement, problem call tentat

unclear valu

unknown type, messag, return, fail, case tri

unreliable test, case detect, run, tri, set

unsure case

vague return, line, function set, get

Uncertain Word Uncertain General Bug

ambiguous avoid, name, differ, one warn, error
arcane take, shot, entri, seem, empti, column, will error, problem
changeable disk, select, pass, check, addit, start, found error
debatable seem name, place, want, think, realli

dubious seem use, remov, avoid warn, error
doubtful see, realli, one, work, want, look

erratic workaround handl, appli, arm, caus, affect, part bug

fuzzy option translat, way

irregular part, usag, approach, place, help, condit, work

may mayb caus, need, want, sinc, contain, time, differ, happen, mean

might want, need, caus, differ, look, happen

obscure caus bug, error
probably seem need, want, caus, work, doesnt, way

risky potenti reduc, dont, avoid, need

tentative support, definit, work, like, allow, way, done bug
unclear seem name, reason, user, differ, like

unknown ignor, handl, reason, name, report, caus, will error, warn
unreliable remov, check, chang, time, dont, result, need

unsure seem work, dont, need, think, result

vague attempt document, time, think, caus error

- Make state a member variable to make it changeable

checkpatch: remove rule on non-indented labels

git-svn-1d: swvn://svn.xp-frasework.net/xp/trunk@1368 dicacbed-c@f5-2310-851a-9dad52fc623a

b master

debetable

dubious

v8.12.1 - core-5.8.9

1 changeable "&G EFMN7/233I Y Ay =T D]

e S 12 B B ATREME D E .

V757 02R2) 7 TESHBITAEERILN
% name, place, put, get FDREHFENHEIT 572
&b, TIUZEET B AHEN X HAFEET DA HEMEIE .
2 1% debetable 25833y P A vE—YD—fIT
H5. BRZIZT VOB — BRI A > T W
72728, V=L EEHL.

YN R &\ warn X error O RFHHGE
PHET S, T 6 & & HIT code, value, remove, re-

©2017 Information Processing Society of Japan

There are 588 non-indented (non-default) labels, and 511 that are
indented. So the rule is debatable at least. Actually, in the

common case of labels at the outermost scope, there is really just
one place where to put the label, so the rule is just wrong IMHO.

Signed-off-by: Paolo Bonzini <pbonzini@redhat.com>
Signed-off-by: Anthony Liguori <aliguori@us.ibm.com>

L ri78 v1.0-re1 v1.0-rc0

2 debetable G ENZTI v b A v =T DH

place FOREHGELV LT 5. FEb L\ 32— RXfEA
FRUZE, M#EE 5722 2 512 remove ¥ replace
LEOEIEEITD Z W METE 5. X 3 1% dubious %
GLIAIVIMRAYE—VDO—fITHS. BAFEIINS
SRR O — R2HIBRUL 7228, ZO8FEICED £72
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K6 NPT EERTF—T— FDHH

F—o—F | 9% (ExTE) S (A— RER) NOEREOER Comment out "METHOD BY UUID CALLED" WriteLine as it is
- = ubs:urlni the UserServer console for now.

ambiguous | FEH R, AH, call o
arcane Fe%e PR o ¥ master ) pre-rename ... Aurora-Sim-0.1
changeable | F# 2R o
debatable | 2% VT oRY Y x 5 obscure BEEN/ZIIY A v E—TDH
dubious E< B o
doubtful - - X
erratic i % B o diag: Remove world read/write permissions from /dev/diag
fuzzy F AR - x J/dev/diag has world read/write permissions which is considered
N o a security risk. Remove these permissions. Add new qcom_diag
irregular - 2 x group for access to /dev/diag
may R - x
might P - ° CRs-Fixed: 356415

g (cherry picked from commit 14cB5ec56fd47c5ebl43617a3bd5abe7eeidchbe)
obscure i call o
probably Bk B < Change-1d: 1536323a97e19a87bbd8eadffa0265d1955590285
risky T eXaV74, TR | x U jb-mrl + Jo-mr2 + kitkat + Kitkat_mr2
tentative ] AV w R, call o

_ Py N - o
unclear 2R x B 6 risky WAENETIY kA vE—IOH
unknown ) # o
unreliable Bk, FA R - X
unsure - - X
Fast inverse square root method
vague FEgk RFaxrh, MK o q
Use well-known Quake3 hack.
RT AHENPIZETIF—T7— NOHN FastMath: fast integer vector normalisation
il L]
R (WFETR) RGPS TR (BR, #at, % FAL) O Fast normalisation
ENED Y DB Fast inv sgrt
4 (23— FEHR)  LEED 92 ob0oPEoa—Fo%HE (1,
AV R, 3E) ZBEbYDBHEH fast sqrt

NT RO ik bug, error, warn @ £ 204 ik

fast sqrt

fixed: implement fast inverse sqrt function
Clean up error cases in psql's COPY TO STDOUT/FROM STDIN code.
Adjust handleCopyOut() to stop trying to write data once it's failed
one time. For typical cases such as out-of-disk-space or broken-pipe,
additional attempts aren't going to do anything but waste time, and

in any case clean truncation of the output seems like a better behavior test normalise: only do fast sqrt tests if fixed
than randomly dropping blocks in the middle. -

fixed: return zero on fast_sqrt(x=0)

Also_remove dubious (and misleadingly documented) attempt to force our way [mk: removed fiming fests, as these failed on my machine, and
out of COPY_OUT state if libpg didn't do that. If we did have a situation
s et T tea s o 10 e i e tat iy st T comparing the wallclock time is inherently w
We can hope that commit fassddf took care
PASTH G R e I master ) v6.8.2.1.1-Alpha-AS .. v6.1_alpha0b
3 dubious HEENZIIY M A Y=Y D 7 unreliable W& ENZI I Y b Ay =YD
N2 =R N 2 Y

feat(http): set custom default cache in $http.defaults.cache TWaHEEEIPEVEHEHITE 5. 5 1% obscure %
wWhen we need more control over http caching, we may want to provide EHLaAIVIMAVvE—VD—HITHD. BIRGFIINT
a custom cache to be used in all http requests by default. .

SFEEAIREAR O — R & — Iz a3 A 2 -
To skip default cache, set {cache: false} in request configuration. 75 %é‘:‘j‘ﬁb & ]\ % ﬁﬂgc )( 4 }\ 7 '7 ]\ bf N
To use other cache, set {cache: cache} as before. I‘iSky + # a l) .‘7‘— P a: Ea;},)é z é: bi#ﬁﬁﬂg L:é]}éﬁgﬁé Z’L'C
See g 010 W5, L7255 T, risk ¥ secure ¥t ¥ 2V 7 112
b master (#1) T V1.8~ vil4 3 Z)#??ﬁﬁ%b‘tﬂfﬂ?é e ﬁ:jﬁﬁgf x5, 6 1%

risky Z8833I Y b Ay —VO—HlTHB. BIF
Flxxa) 71 MEZE 72D 7 7 1 IVOMHER %

4 may B"EENZIIY MRV E—TDH

NITDFET BHREMED D 5. IELWAHREIZ S D - AEHELT-.
TV, unreliable (SfEMIZEDL S Z &A%\, time ¥ detect
may JRRPERICBET 2HEEN L W2, BERIZED S HETAMNIHET 2 HEIREINTH B. 7 1% unre-
AHENZI BRSO, M4ldmay Z2ELIIv M AY liable #2583 3I Yy M A v =YD —HITHS. BIF
=V D—flTHD. HFREIFRBE L R DHERED FHIZEHETERVWT A N ERW.
TDIZNT A= RDFHEEIT > T=. 4.3.3 AR
obscure bug, error, message /N7 IZBHEIT S HEEN UEDESIZARMEN S ZRTF—7— N T & ICREN 7%

BT 5. /7, TS5 ORMEYEOETREE F—T—REWSOPNPHETE 2. F—7 — K may 1T
FEFIZE N 2D, NTIEHL RN EINLLEEN IZBET 5 REED S A% < A5 7z, changeable, debetable
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E 7007 LDOEETIT A= API FIZBT 2 A HE
MEDBFLEL TW . TOMIZE erratic, vague 2 ETH
@] U237 S 4172, dubious, obscure 13737 BI# D NE
D NTz, NTIZBT B A HED S HBAFET B Al fetk A
FmWweFEZS5NS. ALK, ambiguous, arcane, might,
tentative, unknown THENTZRD R 72D a3 w b
R o7z, unreliable 270272 2057 A MZEA#E T %]
REMEDYH D, fuzzy 7 A MEEDOHEENR 57z, risky
B Fa) T IZBlETEIIIY M A Y- UDHERX
nrz.

5. ZHUEANDEE

DI CAMENP S ZRTF -7 — N2 LB, &
DRI RERS R SN WF—7 — NRFEHE L7
b, HfEERZZFEOUERKETH S, RHEHEGEOH
HUTIEFIE I D W T o 724, RGO 0 FEH L RHE
MEERTF—T—RFOH/HETIE, FH50o72F—T—FR
IR B D FAET 2 REEA D B L LTH, HEE
DTV T T I TP EIT L D FER T ERNATEE
MehdreEZOND.

Eo, ZOMTIEIIV M AV E—VDARERNFE LT
To/2HDT, VI Iz T7IZBVWTEBOI—-REZD
EHEREZ LR OVRY, 2 OREENPIELWEIEE AR\,
Z D1, EERO 3 — FOLEFE L ADETETN S DR
7R 2GRS 2 Z e 3B b, 72, a3y b3
AV MZIZBAFRE DR L TV A EZ EREIPNDE D
BDT, BBINTVWBLRILDOATEPX, DF Y Known
Unknowns (3% < BHINT W 5B & FHINE A, BHFEENR
HUTWARWATED X, DF D Unknown Unknowns % i
HT 5 HEL LTS TROVAREELA D 2. 250 o 7z
B2 SSEOTFIETHRAL ZAHED» XX, A D 5
FAELTWE R LNV EEZS5ND.

wZIZ, SEHEAUZATHE» S 2D

6. F&oH

AL T, A—=T VvV =2V 7 by =7 ORKEREE
ARHRE LT, EBOV 7 vz T7 By MZBW
TEDE BARTEP S PIFHET 5 2HAE L.

AHENTZRTF—T—RFE2ELIIV M AvE—-JIC
X E DRI B0y, 20D Z LTI, RS
Oyl bOJICE VB ER>F -7 —Fzn<o»
OB ENTEZ. F—7— F may IFERIZEHT 5K
P X BFAET 25D D 5. changeable, debetable,
erratic, vague 13707 7 LDFEET/NNT XA =X API %
IZBET B ARHEN I DFHET 2 A[REMED S . ambiguous,
arcane, dubious, might, obscure, tentative, unknown &
NIHEEX—7 — N TH 2 a[REEDE . fuzzy, unreliable
7B 5 L0T A MIBEET AL D S, risky 1
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¥al) 7 ZBEET SWRENEY. £, TFAMD
M DBRIZHIEL AP S 2 RTF—7 — F 2 & OREH
FEDAED D AN, AEPSIPEET S Iy POREE
iz AN THHDT, M AHE» S Z2HHET 55
AP S 2 WO 5 7-0DHEE LTHHATES L EX
TW5.

B
AWFFRIL, SRR B R AR SRS (A) (R
BT 26240007) 12 & BB E 21T 7.
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