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Monte Carlo Tree Search Using the Playout Territory Statistics in
Computer Go

KAZUKI TANAKAL:®)

GEN Fuirtal

Abstract: In recent years, methods of Monte Carlo tree search, combined evaluation function and UCT
have been widely known. However, many evaluation functions of the computer go still tends to be heavy
computational cost. In this study, we propose a evaluation function which focus on play out based on UCT,
In the proposed evaluation function, a statistical information of resulting hoard with applied little compu-
tational cost. Performance evaluation shows the proposed method has over 60% winning percentage against

Fuego.
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