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A Simple WWW-based Method for Semantic Word Class Acquisition

KELI SHINZATOt and KENTARO TORISAWA tt

This paper describes a simple method to obtain semantic word classes from HTML doc-
uments on the web. Shinzato and Torisawa previously showed that itemizations in HTML
documents can contain semantically coherent word classes. However, not all the itemizations
are semantically coherent. Our goal is to provide a simple method to extract only semanti-
cally coherent itemizations from HTML documents. Our method can perform this task by
obtaining hit counts from full text search engines 2n times for an itemization consisting of n
items. The obtained hit counts are used for calculating mutual information values between
items in an itemization, and the hit counts and mutual information values are given to a Sup-
port Vector Machine as features. The itemizations are ranked by using the Support Vector
Machine, and highly ranked itemizations are produced as semantically coherent word classes.
In our experiments using four human subjects, when the top 10% of given itemizations were
produced, at least, three of the four human subjects regarded about 80% of the produced
itemizations as semantically coherent classes.
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Fig.1 An example of HTML documents.
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Table 1 Examples of pairwise mutual informaiton.
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Table 2 Features used in our procedure.
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Table 3 Comparison between acquired semantic word classes and word classes

included in the Nihongo-Goi-Taikei thesaurus.
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Table 4 Examples of acquired semantic word classes.
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Table 5 The positions of given hypernyms in the
Nihongo-Goi-Taikei thesaurus.
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