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Abstract Privacy protection has been much attention with a change of the value of personal
data. A group-based anonymization method such as k-anonymization is known as one of privacy
enhancing technologies that control disclosure risk of personal data. In this paper, we estimate a
utility of data satisfying multiple k-anonymity/Pk-anonymity. Besides, we consider the disclo-
sure risk of multiple k-anonymized/Pk-anonymized data according to the theory of statistical
disclosure control for tabular data.
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