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Query auditing for privacy preserving similarity search
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Abstract In this paper, we propose a query auditing method for similarity searches that examines
whether database responces satisfy privacy preserving requirements. We assume that the database an-
swers a set of similar records’s IDs against each query. We introduce the probability of a certain private
value given database responsesas as a privacy measure. We describe auditing with such a privacy measure
as an enumeration problem and apply the efficient and accurate algorithm. The computational efficiency
and the result of this auditing method is examined on the real world dataset.
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