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Development of IT Books Recommendation System
Using Difficulty and Similarity

RUKA FUNAKI"'  HISAYASU KURODAT!

Indicator whether a book is difficult or easy is important for the people who learn IT books. Therefore, in this research, we
developed book recommendation system by book difficulty. First, considering difficulty is compared between similar books and
one another, we evaluated similarity of list of contents and book title by Latent Dirichlet Allocation and cosine similarity.
Afterward, we evaluated predicated value by Support Vector Machine with some books we added difficulty in advance. With this
predicated value, we calculated difficulty and compared difficulty in similar books with one another. In addition, we developed
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book search application with Ruby on Rails.
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