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Recently, Monte-Carlo Tree Search attracts attention in a field of the game programming. Moreover, Monte-Carlo Tree Search 

is studied by various games as well as the game of Go that became the instigator of the boom. This paper inspects it in 

Blokus-Duo whether Monte-Carlo Tree Search is effective.  

In the experiment that used AMAF, it succeeded in a great increase of the update frequency after play-out, and it won the base 

program by 92%. In addition, by the experiment that used a rating for, it won the program before the improvement by 53%. 
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