Adaptive Learning Utilizing Parameters of Existing Evaluation Function
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When new features are added to evaluation functions of computer game players, their pa-
rameters are usually tuned from scratch. This, however, means throwing out existing parame-
ters which should reflect already acquired knowledge. On the other hand, for data mining and
natural language processing, domain adaptation methods have made successes, which utilize
existing parameters already tuned for related domains as the basis of parameter tuning. In
this paper, we propose a method to utilize existing parameters as the basis for tuning a new
evaluation function with added features, adopting the ideas of domain adaptation. We applied
this method to tune evaluation function for shogi and have shown that a player tuned with
our method showed better results against players tuned with more straightforward methods.
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