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Implementation and Evaluation of a Movie Recommender System

Considering both Users’ Personality and Situation

CHiHIrRO ONO,T! Mort Kurokawa, ! Yorcar MoTomurat?
and HIDEKI Asonf?

We are developing a movie recommender system. Movie preferences change according to not
only the users’ personality, but also to the situation/context such as mood, location, accom-
panying person, and so forth, and the mobile user may access the recommender system under
various situations. However, almost all existing researches on recommender systems have not
yet dealt with users’ situations. In this paper we propose a novel movie recommender sys-
tem that provides context-aware personalized recommendations for mobile users. Here, we
explain data acquisition process by a large-scale WWW questionnaire survey, then explain
a novel Bayesian network model construction process using data acquired. Then we explain
design and implementation of the context-aware personalized movie recommender system.
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The effectiveness of the proposed system is evaluated through two experiments.
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Fig.1 Model structure.
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Table 1 The number of clusters for each group.
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Table 2 The number of nodes and links in the

constructed networks.

Number of nodes Number of links
UCS-I-vV 75 115
UC--v 68 107
UCS-V 50 49
uc-v 44 43
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Fig.2 Overview of movie recommender system.
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Fig.3 Flow of movie recommendation.
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Fig.4 Screenshots of cellular phone display.
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Table 3 Result of accuracy evaluation.

Model MAE
Baseline 0.927
CF (user-based) 0975
CF (item-based) 0.930

uc-v 0.887
ucs-v 0.869
UC-I-V 0.862
UCS-I-vV 0.854
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Table 4 Ratio of users who chose the recommendation
list as most suitable to current mood.
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