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1

Bugzilla 08/1998 - 12/2006 4,620 36% *1 2,791 38% 1,829 35% 37 8.4

Columba 11/2002 - 07/2006 4,455 31% 4,076 32% 379 20% 10 1.6

Eclipse JDT 05/2001 - 12/2007 35,386 14% 28,618 15% 6,768 10% 19 4.0
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