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1: for all classifier cl in [S] do
2 for i = 0 to Length of C of ¢l do
3 if C; is equal to # then
4 prob; += cl.F

5: end if

6 end for

7 FitnessSum += cl.F

8: end for

9: for i = 0 to Length of C' do
10:  prob; /= FitnessSum

11: end for
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1: for i = 0 to Length of C' do

2: if RandomNumber < Pc then
3: Run niche mutation

4: else

5: if RandomNumber < p then
6: if RandomNumber < prob; in vector then
7 Ci «— #

8: else

9: Cl < 0

10: end if

11: end if

12: end if

13: end for
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