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An Agent-based Simulation of Information Resonance in Social Media
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Abstract: In social media such as Twitter and Facebook, there exist information resonance phenomena in
which information dissemination increases temporarily and it is expected that the investigation of the phe-
nomena will provide the clue for understanding of the property of user behavior in social media. This paper
describes the hypotheses for the user behavior from the findings about information resonance phenomena
that have revealed in the previous work and verification of the hypotheses for the mechanism of information
resonance in social media by applying Agent-based Simulation methodology. The results of the simulation
suggest that the information resonance phenomenon is considered to be caused by the change of the online
social network that is caused by the change of users’ interest through information propagation.
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Fig. 1 Time evolution of tweet count per day.
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Fig. 2 Resonance patterns.
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Fig. 3 Time evolution of retweet fraction.
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Fig. 4 Correlation between non-retweet fraction and tweet

count.
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Fig. 5 Time evolution of tweet count in early stage.
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Fig. 6 Resonance intensity vs. tweet ratio (1).
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Fig. 8 Resonance intensity vs. similarity threshold (2).
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Fig. 9 Resonance intensity vs. tweet ratio (2).
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Fig. 10 Resonance intensity vs. rewiring chance.
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