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Consideration about the Sparseness of
Parameter Initialization of PLSA Language Models

Abstract: PLSA (Probabilistic Latent Semantic Analysis) is a promising technology to reduce the perplex-
ity for speech recognition systems. In this method, the topic structure is self-organized as the topic unigram
vector. This paper describes parameter initialization methods taking the sparseness of topic vectors into
account. The perplexity reduction experiments show that the sparse initialization of topic vectors enables
the faster and more accurate topic cluster organization. However in this case, the ratio of unknown words
increases and the dependency to initial data selection also increases.
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