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Abstract: Topics on recent news and events (e.g., the venue for 2022 FIFA World Cup) are actively men-
tioned on microblog service, where their related terms (e.g., soccer and Qatar) are likely to be mentioned
together during the same period. This intuition suggests that the temporal variation of a topic of interest can
be utilized to discover terms related to the topic. Based on the idea, we propose a query expansion method
that takes advantage of temporal properties of terms to measure the association between a term and a given
seed query. To represent those temporal properties, our proposed method uses a temporal profile constructed
from the time-stamps of documents (tweets in this study) retrieved by a search engine. We carefully design
and examine different temporal profiles resulting from different query formulations and demonstrate that
the combination of a seed query and a topic-related term tends to be similar to the temporal profile of a
given topic. In addition, we present atemporal query expansion methods based on modified web similarity
to deal with time insensitive topics. The temporal and atemporal query expansion methods are combined
using a learning to rank model to compensate for the limitations of individual methods. Experiments on the
Tweets2011 corpus show that the use of temporal properties is effective in query expansion and the fusion
of the temporal and atemporal properties significantly improves retrieval performance.
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Fig. 2 The temporal variations of four topics (MB001, MB017, MB021, and MB026)
from TREC 2011 Microblog Track based on relevant tweets.
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Fig. 1 Example topic from the TREC 2011 Microblog Track.
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Fig. 3 Two kernel density estimates corresponding to the top-
ics MB001 and MBO017.
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Fig. 4 Flowchart of our proposed query expansion method.
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lawsuit) based on the tweets retrieved by three methods (Method 1, 2, 3).
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2 S BEMEREO A T 7 2 LUFIORT .

Strqp(w, Q) = 6(Tg, Tg') = log (2% (6)

Mty

22T, mpg V&N L FOMERK R Z 2 L72YR Y =
V707 7 ANDOLEEGROFHTH L. 2 BTHAMALE
Efron ®E FIVIZLEHMKRICA I TAT 2479 720, BhE
DOGEFEIIFEETCE v, L L, ZOTETIVIZHEIZA
ITTEAT) 2, 7 ) BEREASE O SCEICHIT AR
BMOMEREZ 7 T IROBERHFEE LTHETE 5.

3.5 Web fB{LE

KRETIE, FREORMZEIZTFHLIZ WY Y 7 Rk
M LMWE LD DRV Yy 7 2XLd 5728, EE
TEHz H e Wi OMEE ORI E ik e find b, 7T
) CBERHEE L OBEE 2 EIE T A L LT, Fhuhtih
NG — v O IV S L7z Web JEBLEE [1] 2T 5.
Web FBLE L, Ry MR ERICLAZEDETHY, 7
) KR “cwnQ 2oz v NIk Web ETO Q
Ew OEBOEME LTHHTS. Cok)IZHBL
72 Web $HMUEE I, BRRIGH & ZERRIC, ) L HFE - 7
L— AW OERMEDEZFHETE 5720, FRICEAET
Lo ) PR TE SR L R B EE T E Bk
EZz2HbN5., LML, Twitter ETIE, Z oD T
FHBEEEOREICHWSE Z LIS ED L v, e
b, 120 tweet |23 X2 3A0 5 NAIE 140 XFE EHIR &

© 2013 Information Processing Society of Japan

nNTHY, Wy =) LEMOHEFED tweet N TRIFEIZH
W LIEZITL WO THAE, 728 21F, Twitter
DI —HFL “FIFA qatar” X “2022 soccer qatar” & Vo 72
FAARZERHATTAVAEINCH L7720, M7 1)
“2022 FIFA soccer” & Jipk L7227 11 “2022 FIFA soccer
qatar” HOHFETNTH tweet FICHIAT 2 2 LI1TE 2 I
vy, ZORMBEICHILT B 7280, fERD 7 1) Q WOHGE
TRTEBEREFEw OTRTCEEL 7 ) KH “wn@Q”
DL VI, 7)) QHOHFEEL L LD 1D L FEAH
Tw ORI EED “cwnt Q) il ) FKHE LT
45, Zorxz) &I, 3.1 8, 3.3, 3.4 HTOHL
7T Ta 7 s A MERO L SH[HHLTBY, Thz
BEAED Web FHBEEICHBEHT 5.

BIEL72EUDEOERICH ) RTL HQ)IT7 1) QH+
DHFEZL LS 1O CERY T, WL LCHEE
w &7 T Q D Web HE D WebJaccardt #25% LLF
[N

H(wN*Q) G

H(w)+H(Q)—H(wN*Q)
ZZT, B w &7 1) Q POHFEMMEIEM IV L
OMD tweet ICHBET AT ENHAL720, §XTD Web
FOETey MR Hwnt Q) BHAEfE c LT THN
FO0WRET S (BOERTIEc=4 L L7). FERI,
WebOverlapt, WebDicet, WebPMIT #LLTFD X 9 1I2%
£95.

WebJaccard™ (w, Q)=

H(wt Q)

WebOverlap ' (w, Q) = min(H (), H(Q)) (8)
w Nt
WebDice+(w, Q)= % 9)
H(wn™ Q)/N

WebPMI™ (w, Q) = log, I (10)

(w)/N-H(Q)/N
ZZT, NIFRERLY I L o THRIMFIT S0 R
THY, AFFETIET =/ XA D tweet IZHEVY, N = 16,
141, 812 L ED 5.

I VICEE S 2 HEEEFES S 720, i Web Hif
Ji£ & L T Normalized Google Distance (NGD) [2] b v
5. fli> Web FEE & [@F£IC, JCO NGD O H(wN Q) O
Morx Hwnt Q) ICE Sz, 7 1) LEGHHEEORMME
BEEUTOXEHWTEHET 5.

NGD* (w, Q)

_ max{log H(w),log H(Q)} — log H(w N* Q) (11)
log N — min{log H(w),log H(Q)}

B, CORBETFEMETIEIZL02b o DEE &5, b
Ly T Q LB w 25 L Th ML, NGD(w, Q) =0
7% 5.

Z S OFEEUI R R TEECC WA R D R ATHAF L 3w
7%, B DREHZALC IR OMEFE R | S TH 5.
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£ 1 K7 ) IRTHEORIEERL

Table 1 Abbreviation of each query expansion method.

g &e FEA

WJ WebJaccard®™ (Web L)

WO WebOverlap™ (Web J1LLE)

WD WebDicet (Web %)

WP WebPMIt (Web FifUE)

NGD NGD* (Web JEULE)

IRQE BB Loy ) RFE (1) 21
TRQE | #iftk L FHEORME L ZE LTk X (2) 21
TSQE | FHEORHZfLOEME % 12 L7-FE. KX (6) B

v

PLEo &5 1255 L7z Web HBLEE % FE R 5 2 D % v
P LT, 72 OB PRl 5 720 ONRRLSE &5
DY e LTS 5.

3.6 7 IHGRD -0 DIEAIFEE

AHFZE T, 8 207 T IRFEE AL, £FEL
BWEEFLOMICERER 1 12 Db, FETHRRAL9
12, IXTO7 Z)RFECEIBFAGTESH L. 2k
ZIE, Web HLE (WJ, WO, WD, WP, NGD) (F##
I UynbRUs L7cm#Ee y NEZ T W s ) &
HEEOMEEZFIR L TB Y, MR OFRRFHE DR
IR 7224k, Bt & v o 2R RIERIC G S o IcBE
EEROITLZZENTES. Lo, BlEREFMLT
W, HAHRMICFEEEEETLHEL AT 2
EHFTE RV, 77, BERITER, RIS I) Ah:
IRQE (Incorporating Recency into Query Expansion) &
TRQE (Temporal Recency for Query Expansion) 13 X 2
O k¥ v 7 MBO17 % MB026 O & 9 IZ#A&LEH 7 1)
RIS ET S Py 2 I LTEMTH L. L
L, SHHDETNVIIVOGHEDEIE I Sz, &
Vo 2R ORI ZEETE T v, il TSQE
(Temporal Similarity for Query Expansion) |7 LV 7’1
77 AN EEEORZLICRY TS 2 & T, FHEDKERH
ZAb & F U IS S M5 BRI 2 B4 255 % Ho
A2 ENTED. 7205, TSQE IHatrEEL T\
W7z, Bl CEEBERNICMERTE 2D TiE RV
XA 7O T7UTRETHMN R 7 L) IRFEIIEH T2
<, BRT7Z)IEEAT) L0 b, HHOFELMAS
bED L THRERHELM ELSEE I LATE L ITREMEA
bh. LrL, EOr ) YEFEE ERT S PIEREY
RUIMAFT B, 22T, AFTHEHGEDOFHEiZITo7227 T
) EXEOMAD SN, FEE ORI AL, Web HILEE
ZHD 7 T ERAHEE L7 e D 7 1) LREHHEED R
R B 2 AT (R & L, EflisEzITo s =) 12
IR THRER L 72 R Lo 7 1) ORERFEROMER
WEOEEN L LT — % 21534, LT, 2
DT — % 2 TIRRSER 2479 2 LT, Lor T
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PIRFED~ A 7070 FERORFERER LA F
BECTH L0 % HPICEAMIT$ 5. M7 EEE LT
Gradient Boosted Decision Trees (GBDT) [7] & H\», %))
B2 ) 1B AR EMVAT T 5. 20k, &
BZEDTHE LB 2 b &2 B K o B HEEE 2
JIVIMRTH7zZ 7 ) L L, tweet DFFRFRELT) .

4. EERIC K 2FHE

RETFHEOHFMEZ M 5 7295, TREC 2011 ¥ A1 7
O7as7 N7y OFA a7y ar (Tweets2011 I —
INR) DL tweet & AW CEHMEIER 21772, ZoaL
Tavid 201141 H 23 HABRE2 H 8 HETIZIUES
724 1,600 1D tweet 22 SR S, 50O My »
(W1 oflEFAERD Ny 7) 280 21]. E512, 1
BOWHREE Y AT A0l 2 LT 5720, ZEh
DIEY ZIZ2o0WT, @A - AHED tweet PR ENT
W, EAEORHIE, AEA (FV0), #WA (1), JE
WICEE (2) L) 32008 F T IZHESWTITbNIT
WA, & tweet 1, FTG-O Yy 7 ICHNED B OB E
YO THIL, HETHEHESN TS,

4.1 Tweet 7 —2%

Tweet 7 — % DEGIOIER LT OWTHIT S, B
L7z tweet (3 Indri[22] Z VT, £ PE v 7071
R LART O tweet & 285 [0 L7z, G IHHT OB EEIERE
(stopword) ZFEHEET, K- /MLFOXHIITHLT, £
o7 (stemming) & L T Krovetz stemmer % 5@ L
72, Wik Ny 2 TEIEL R, EBoOL 0T
O 7R EFROEMETH Y, 7)) PEATSNREHET
DREEDEREMH L 2720 TH L. EBRTIE, PEY
27 1~50 (MB001~MBO050) @ (title) * 7 A M7 T & L
THWw, F7:, 7TAMZ ) ORfFRIIC~YA 70707
Moy 7 OBMBICE SN 12O Ny 7O (title) %
TN )E LTHW .

4.2 IET— 2 DIERR

NEALFEH DTN EZAERT 5720, 12O > T
I CHELAELECAT CHAE O 217> 72, I
F=F DERD 72O HW 2RI, vy
D7 ) BRI DRI IS/ERL & 1172 tweet # H\V 72, Z L C,
Indri MBEZ YV #HWTT 7 4V b OFETETIMFT
ATV, £ 7 TSR LT EAL 300 1 tweet 2 HEEE L,
WEREOFN 2 T o7z, WAL, 0, 1, 2D 3 KT
FhEN, BELEV, BET 5L, FFISHET B I
LTWwa, BEAEDERELTE, 72 hmOHERHRE
FEDS tweet ICEH EFNTW A D, tweet DNEDEWY)IZ 7 T
VONBEERLTWENE)D%ET /7 — 7 BEEBIICH
Wrl7z., 512, 2D tweet &7 T OBWAEEZRLIZY
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A b ERHEFE L 7 1) ORFEE & - T(EJTZﬁJbO)
Jﬂﬁﬁ?%@a}llﬁT—57’\2:7“‘@1471. 9, KhE¥vsZ

A BE % BTAM L 72 tweet (23 L Tl A B DFFAi D W i
%ffi'ﬁl]ﬁ“é EERHMELT, ZEREOMEELEZETE
% Normalized Discount Cumulative Gain (NDCG) [8] %
TR L 72, RIS, ¥R O B M RO tweet 7>
5 K OBMEEZEY, M7 )2 Tk s =
JEL, tweet ZFHME L. LT, BHRELTELSN
7z tweet @) A & NDCG THUGHI L7z, LR L7272
) ABRIFIUENDCG oz Ml 7 =) Iy Es€5
CENTEHLEEZOLNLDT, ZFI)Ika i) ars ik
D NDCG DED# % 7 1) 5 H O NEAL 73 DAl 7 —
yotJie L7z, 3T — 2 ORI 025 1 OIS

EHALL7:, 22T, 72 )ERTEOEE OBMEED
BWEEZSNLOT, 7)) POHE ISR T S HTTIX
1IZERE L7,

4.3 JBERIZEZICHV Y

NERL B OFNFET — & O e LT, £1IRTHK I T
VIEEFEICE > TTFHL2 7 o) L ERHEEO B %
vz, 20729, FEOBIIER T % 7 =) ikFEo
BEFMUTHD. FEMHEEE LI =) THREL
EA7 100 (M = 100) @ tweet (2& F N5 7EE 72,
3 (1) IZ7R L7z Massoudi OF#: (IRQE) 2B L Tid, #
FOWFNHEN B =15 x 10 ° IZRE L. TOTET
(&, ¢ LlEOD tweet (RN L BHIHEEZT & 7 1) L5k (12
FIHLCw7z, L2 L, FROERFBERIIBVT, T
BB ED RN Do 72728, TRTOREHHEL
EEMWSLZEIZL. TRQE & TSQE ICBA LTI, W
TLTHEON LA 50 (L =50) D tweet & fifio THE
M7a7 74 VEER L. 22T, 3.5 fid Web 1
FEOWA L FRRIC, #1172 o HEE & HEE O AU
zv &t tweet 255 1!L1LZ:<WM;E‘, ZOBMEETRE L

L TRTO 7 T FRETFEE T L 722 =) & R EGE

MAEBEAIT D E B 150 (K =15) HiEx 9
7LU~WKT#%7IUkLt.ttL,%%?lUﬁ
M7 ) OHFEE G T v, P2 ) 1 Indri 7 1Y)
SiE (22 VT 6: 4 TEHA Y TV & ERHGE T EAMT
T L7,

7 TOPERTFEE AT A720I1CHW 5 GBDT 121, %
R EROESAdEAT L= a vEim D3 D0
TRA=IPHEAET S, FNENDIST A =7 ZHlHT—%
VT 10 FEIRERE CREMEE RO 2A, Th
Z3 o = 0.005, m:3000, d=4&t%o72. AT
JCOFHBDOBRIZIE, TN TF A =7 2H\w/, 72, )|
A==yl ﬁ%‘f%#ﬂ"ﬁ%iﬂﬁ(é?ﬁ?% & CTHRFERE & )
L&D ENTELIENHMONT VS 4], AFTHR
) IFII B ETH B 720, RFETITEEORIN 21T
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R 2 57T IERTEOREEE
Table 2 Retrieval performance of each QE method.

Fik P@10 P@30 Rprec MAP
baseline | 0.4490 0.3864 0.2584 0.2159
WJ 0.4816% | 0.40757 | 0.2767f 0.2289
WO 0.4816 | 0.4156% | 0.2742% | 0.2298%
WD 0.4816% | 0.4075% | 0.27671 0.2289
WP 0.48577 | 0.4211% | 0.2776% 0.2338%
NGD 0.4755% | 0.4088% | 0.2745% 0.2288*
IRQE 0.4469 | 0.4184% | 0.2733f 0.2251
TRQE 0.4592 | 0.4299% | 0.2828% | 0.2288f
TSQE | 0.4898% | 0.4231% | 0.2788% | 0.2325%
GBDT | 0.4959% | 0.434% | 0.2820% | 0.2352%
bhrnZ tiztT s
4.4 FHEIEE
AKREFEOBMIE, 7 ZVIRICE > TER LY
I W TRE 2T\, WA EIEICEMV A 23T
72tweet DY A MNEPIHETHIETHA. BB, ﬂ‘ﬁfﬁ@

F"‘ i, TREC 2011 ¥4 2071z b7 v 27 OHECIC

, MBRRE YA LAY 2 THH LWL ]TZ’\*%‘KK.
E,T—{ﬂfﬁ 2iE, A7 10 R & 30 D Precision (P@10, P@30),
R-precision (Rprec), Mean Average Precision (MAP) %
Hwva7z, PQ30 IXF b T v 7 ORNOFHIIEETH 5. F
HolE, MR L TESN EAL 30 1D tweet 721) % BFAM
L7z, REFEOMEI B EBGRET 5720, 71V
37 DR FIRNREZ & 7 L) IRFHEOM T 12
To7z. —FRWVEGELZ D - FHEIIRCFTERL, #at
Eﬁ Ip< 005 CHETIE [T] %, p<0.01l THETH

L] #fF L7z, F72, Krovetz stemmer %8 H L 72355]
f‘i?ﬂ;@? I &My, Indri TRELZHRER=-ZF 4
> (baseline) & L7z. Wi ok V‘FEV) HEMEIZOWT
&, "=ZXJ74 Y EDHBIZ &

4.5 EERER
REFTIE, %Ltf:mm@%xb My (7x1)) L

%0)71'J E3 5 2,965 D tweet GHET 5 © 2,404
f, FEF I .ﬂ“é 1561 1) EHWTEMEET T %P
L7z, & 2 ICIREFHEOHREZI/RT. T Web FH{

EER=ZAF4 e x BT 5. §XTD Web HUE %
A7z 7 ) JEERFE: (W, WO, WD, WP, NGD) &
N=AFA % kAo THH, FHFIZPQI0 ZFEH L (LHET
&72. WP 3ZDERDEESICH 20D 53, Web Hl
JEDHhTHH P@10, PQ30, Rprec, MAP Z [l E &% 5% 2
ERTE, T, RHIEHREER L-FETH 5 IRQE,
TRQE, TSQE & N— 2 J {4 »H 5 ZFNFN PQ30 Dl

*6  https://sites.google.com/site/microblogtrack/2011-
guidelines
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MB002 MB006

MBO10 MB014

e—a Rel . e—a Rel
*— Top50 [baseline] 0.01}| *—* Tops0 [baseline]
% Top50 [TSQE] % Top50 [TSQE]

o. 0.25
e—e Rel

0.8 *—* Top50 [baseline]
0.7 »— Top50 [TSQE] 0.20

*e Rel
#—% Top50 [baseline]
%X Top50 [TSQE]

0.6
0.5
0.4
0.3
0.2

0.1

20900,

0.0

Document age (day) Document age (day)

2 4 6 8 1012 14 16 18 °%% 2 4 6 8 10 12 14 16 18

0.05 o2 4 6

1 2 3 4 8 10
Document age (day) Document age (day)

M6 4°0LEy s, MB002, 6, 10, 14 13T % tweet D LHAEMD 1 — 4V E
Fig. 6 The kernel density estimates corresponding to four topics: MB002, 6, 10, and 14.

® 3 7 TVIIRFESMTEL D PQ30 2l L C& by 78
Table 3 Difference of the number of improved topics compar-
ing two QE methods.

R )
2le|ele|8|E|7 |8
WJ 0 5 0 4 1 5 6 2
WO 8 0 8 1 2 7 6 6
‘WD 0 5 0 4 1 5 6 2
WP 8 2 8 0 2 7 7 7
NGD 7 5 7 4 0 9 8 5
TIRQE 13 12 13 11 11 0 9 6
TRQE 13 10 13 10 9 8 0 7
TSQE 12 13 12 13 9 8 10 0
8%, 11%, 9% M &85 Z EASTE 2. Web BLE DK

Rt~z e, Bl 707 7 4 VEMHL72TE TRQE
L TSQE O F P REREE XM ESEL 2 E0TEL. 20
ZEDS, RMWICEHTEEEEDD L HFELFET S L
THIEICEIE T 5 tweet TG TE D 2 Loz, &
52, NEAZE 2w/ FiE:TH S GBDT &, Rprec &
BT RTIRETHOFEL Y SERBRERIEZRL,
Rprec IZBLTH, OBWVHIEZRLA-FHLEDEITD
FThTHo/z. INHLOFERLY, FEMICES 7Y
RERHIKGE L vy ) IRERET A2 813, <A
070y OREREN LICESITH D I LD 015,
WWT, K7 T VPRTFEICEETCEIAEER M Y
IWHDLDERRDLIZD, ' 32007 1) JLETEE
ZHRTPQ30Z LA ESELEIEDTENE Y 2
DEDEZRRT. 72 21E, TSQEIZTWI X0 120 k
Yy 712 LCPQ30 2 L8852 L5TETBY, £
D—HTWIHNTSQE &9 b PQ30 2 L3 LS
TEIRHEIEY 71322085, WD & W] 2R $T
D7 TYPRTFHFIZOWT, o TFi:L T Pa@30 %
FERBIENTEDL MYy ZAYAEL 7. HRIZ, IRQE,
TRQE, TSQE & Web JHBLEZ IS LTEL LD MYy 2T
P@30 M L85 EASTETRY, FEREHRE A7
FEEHN L WFEOECHYEHE ICHL TV S, Dok
Rrs, %7 T PERFEIMLO TR LT PQ30o %A
FREBLZENTEL Ny 2B LZENG0Y, §
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NCOFEEHE L7 GBDT 7 PQ30 2[A L&¢5b 2k
DBTEHHAPHL N LR o7 (K2 BH).

4.6 RFERISHR

RETHTH 5 TRQE & TSQE DA% VE % WE [ 14 72
BErSoT a0, 72) 707 740, ks T
V7a 7 AN, mETa 7 A4AN03EEOERK T u
TrANVEHELCHETS, K612, x4 o0 k
¥y 7, “2022 FIFA soccer (MB002)”, “NSA (MB006)”,
“Egyptian protesters attack museum (MB010)”, “release
of “The Rite” (MBO014)” OB:E 70 7 7 4 WIZE$ 5T
HAEWD N — AVEE OB Z RS, HHD Rel, Top50
[baseline], Top50 [TSQE] (35# 4 tweet, #2711 THiE:
L 7z EA7 50 1D tweet, TSQE % HWCIER L 729EE 7 =
) CTHZE L7z BAL 50 D tweet OHEEETH A, FE Y
7 MB002, MB014 |28 L Ti, TSQE & PQ30 DHizks
JEa X=X T4 95 E10.3000 2° 5 0.4333, 0.4000
75 0.8000 ICH EEWH I ENTE., —F, My
MB006 % MB010 Zxf L T TSQE & P@30 Ofii% 0.0667
725 0.000 & 0.3667 75 0.2000 (2K T &7z, BEEZEN
ki, W6 LWEiEO Ny ZISkT Ak ) T a
7 7 4 v (Top50 [TSQE)]) 38 E& 717 7 4 ) (Rel) 123
BPLLTBY, #ICHEED MYy 712 L Tl Top50 [TSQE]
T Rel LML L o TWAI ERGHhol. TOERA
1E, TSQE SR OFE R SE L 72 71 7 7 4
WICKRELMGET B720THAH. LoT, TSQE X7 1Y)
717 7 ANV (Top50 [baseline]) &#A&7TH 7 714D
BT/hS WKL E#HEL 2 by 2 MB002, MB014 |2
LT, #7277 AUk 71 7 7 4 V% Tl
THIEWTE. £72, FREIEHIC, KEw KL IEHR
Bx#O ¥y 2 MB006, MB010 (2B L Ti, TSQE I&
ELWIRT e 7 7 A v E FREITE b olz. ZORMRE,
TSQE FHIED M ¥y 7123 L TOREREZM LS5 2
ENTE, BEDIE Y 71T L TIIRFEHBEEZ KT &8
TLE-okEZLNA.

—F, FEtEHHOETIVICEY) A7z TRQE I,
MB006 %> MB010 (2B L T PQ30 % 1241 0.0667 2> 5
0.2000 & 0.3667 7°5 0.6000 N& A E X5 2 LN TET,
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K44 K7 ZVPETECE > TPHLZZ ) & OFERMBEEDSE W AL 15 10 HiaE
Table 4 Top 15 candidate terms suggested by each QE method.

Number | F | PQ30 | 7 =) JEERCHIT T 2 il o HaE
MBO002 NGD | 0.4000 | fifa soccer soccers blatter hammam uefa sepp daihyo jfa gatar matsuki epl socceroos goalkeeper

evolution

IRQE | 0.4000 | fifa soccer gatar cup blatter secclinton cheaptweet sellers world jogojusto sepp ebay marriage held

verano

TRQE | 0.3667 | rip verano neck ps governing body plans stadiums torres sunderland ban stage never followmejp sepp

TSQE | 0.4333 | fifa qatar cup cups world check de el want club winter mundial sport sports best

GBDT | 0.4000 | fifa soccer blatter soccers game games qatar cups cup world governing de football futbol updates

MBO006 NGD | 0.0667 | nsa nsas ung analyst security ako former ng hires hired global apple relationships relationship secret

IRQE | 0.0333 | nsa aprevious officialkevinp tlgang katulad kamay abot bhay vvip delivered niya ung palestinian nila

opportunities

TRQE | 0.2000 | de ng rt ung haha google watch ako nsa nsas na com relationships relationship ko

TSQE | 0.0000 | nsa nsas com rt na ako ng security new news former sa apple analyst ko

GBDT | 0.2000 | nsa nsas na security watch com sa ko ng new google relationships ako former relationship

MBO010 NGD | 0.2667 | egyptian egyptians museums museum snipper protesters attacking protester pharaonic antiquities

artefacts looters looted looting tutankhamun

IRQE | 0.5000 | museum egyptian jan egypt looters protect protesters mummies destroy jazeera cairo looting army

thousands national

TRQE | 0.6000 | looters stealing pharaonic mummies broke destroyed artefacts cabinet storm egipto king museums

museum soldiers tanks

TSQE | 0.2000 | protester protesters force forces ndp important support ring prayers egypt youth joined shot shots

security

GBDT | 0.3000 | attacking protester protesters looting egyptians egyptian cairo looted protests sultanalqassemi police

museums museum protestors jazeera

MBO014 NGD | 0.4333 | riting rites released releases release rite hopkins exorcist exorcism sdk press beta xvid anthony ios

IRQE | 0.3000 | rite sheso mjhainee somefin adeyossie hea hollywood aid poison feel fathilahnazri beyonces sdk mon-

eymaker tooo

TRQE | 0.9333 | credit ios topped apple developers office thriller box lookin chips dept nt zone per hopkins

TSQE | 0.8000 | heard weekend single top scary films film win wins things little takes take taking anthony

GBDT | 0.5667 | rite riting rites release releases released exorcism press hopkins newly news new im lays five

ZOHHIE, TRQE (2D HREMIC 7 1) FERIC Wo o7 TYICEET 2ENFEE SN, LaL, Ihb
TCEERNCER S - CEE2 O E 2D, MB006 % DFEXH HFFHICB W TEHEICEE T A5ETIE R (,
MBO10 (Z3#E 2 tweet O L EAEE ORI 2 1) DORNE Y 7L L@ TRV, s Web B IE
THREE L 72 tweet O LEEFHOFH LY & 7 =) BERIZE FERERE ZE L TRV EDHERE LTEZLNL.
Wb EEZONL., FOME, TRQE IMEEEL I TRQE 3 LEDY 4 LAY ¥ TIETIHAFT DT, o

SOMEy ZICHLTALEEELZENTEL. LL, 7 Z)PIEFEN LA FHUTE TN S 7 T §EE AL
TRQE 32O 70 7 7 4 Va R awviz, #Ea TFHITE TV, 728 21E, TRQE X~ ¥ v 7 MB002
TUT 7 ANVDOIENLIETHS N E Y 7 MB002 2B LT 2B S % [qatar] % [blatter] &\ o 7255% FHITEC
IZ PQ30 Ofli % 0.4000 25 0.3667 ~ & b S 472, WaRWT ZoHHIE, TRQE (KX (6) x &) »ED

FA LAY VT ORMIEIERGAICHE) LRELTED,
4.7 HARL A7 T DA MB002 ® & 9 %4 WEEo#EE7T a7 7 A VEFHITET,

F 4125207 ) kF: (NGD, IRQE, TRQE, o CHEEREREL LTTPML2720TH L. LL,
TSQE, GBDT) # JHWTFi@l L7+ ¥ » 7 MB002, FritEaEE L7272 ) IRFETH 5 IRQE & TRQE
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