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Generically, a security system has two modes. One mode is to detect all behavior and the other mode
is to discriminate that the behavior is anomaly by humans. Therefore, these modes must be toggled
if required. If computer is able to discriminate normal behavior from anomaly automatically, we can
construct automatic detection system without toggling the modes. Our study is a preliminary stage of
an automatic detection that is mode free. We construct pyroelectric sensor set and provide our detec-
tion system with sensor data of normal behaviors Then our system discriminate normal behavior from
others with estimations of probability of occurrence based on probabilistic models our system defined.
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