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Abstract: There are some systems that use machine learning techniques like support vector machine to

estimate human motions using acceleration sensors. These systems have to acquire acceleration data to build

a model. Therefore, it is difficult to estimate new observed person’s motions. Also a new observed person

have to carry out motions to build a model. These are a heavy burden for observed person. In this paper,

we propose the method for sensor data processing using similarity in feature of motions between observed

persons. This method aims at achieving a good balance between maintaining estimation accuracy and provi-

sion of prompt motion estimation to the new observed person. In this method, the system can estimate new
observed person’s motions in the beginning because the system uses the similar observed persons’ model.

We implement a prototype system to evaluate this method. The system estimates human motions using the

acceleration sensor. We perform some initial experiments using this prototype system.

Keywords: Sensor Data Processing, Human motion Estimation, Support Vector Machine, Ubiquitous Sys-

tem
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Fig. 1 Processing flow of motion estimation using SVM
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Fig. 2 Overview of the method using the neighborhood host
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Fig. 3 Processing flow of the method using the neighborhood
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Fig. 4 Overview of proposed method
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Fig. 5 Processing flow of the proposed method
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Table 1 Percentage of correct motion estimations

77% 75% 81% 78%

79% 13% 44% 45%

93% 97% 87% 92%
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