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A Novel Email Filtering Method Based on
the Information in Email Header with the Use of
a Machine Learning Technique

MANABU Suair, ! Sayaka Kapo*hi2
and HIROSHI MATSUNOT! T2

A lots of methods and application software had been developed for spam
mail filtering. We have developed a new filtering system to classify spam and
non-spam mails by the use of a rule extracted from email headers by a machine
learning system. Previously, we had established a classification method based
on the appearance order and the frequency of a word. This rule was represented
by a decision tree producted from the machine learning system. In this study,
we evaluated the rule extracted from email headers by the same classification
method, with which could classify emails with a high accuracy rate by focusing
on non-spam mail headers.
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Table 1 The list of removed characters.
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Table 2 Conversion of a word based on an appearance frequency of the word.
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Fig.2 The relationship between appearance frequencies and converted symbols of words.
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Table 3 Comparison of an accuracy rate of the classification with the use of a different mail field.
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Fig.4 Performance shift of the classification with the use of a different mail field.
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