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Selecting Projects Based on
Ratio of Productivity for Effort Estimation

SoUSUKE AMASAKIT! and YOHEI TAKAHARAT!

Analogy-based effort estimation (ABE) is one of the most popular methods. ABE selects
similar projects based on Euclidean distance on multiple features. However, feature selection
and weighting for ABE optimization is computationally intensive. This paper demonstrated
a selection method using Relevance Vector Machine (RVM) and a ratio of productivity. We

would like to discuss its validity at the workshop.
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Models MMRE MdMRE

PRED(25)

MMAE MdMAE SA

X 0.29
Y 0.32
L (n = 10) 0.21

0.34
0.16
0.08

0.33 1350 580 81
0.58 961 702 86
0.83 470 226 93
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