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Abstract: In construction of an effort estimation model, it seems effectve to use a window of training dataset
so that the model is trained with a subset of only recently finished projects. In windowing approach, all
projects selcted are considered that they have the same importance. However, the selected projects can be
ordered in chronological manner, and it is expected that effort estimation accuracy could be improved with
the use of weights according to chornological similarity to a target project. In this study, we examined the
effects of the weighting method on effort estimation accuracy with the windowing approach. We applied
the same experiment settings as the past study. As a result, we confirmed that weighting methods signifi-
cantly improved estimation accuracy on CSC dataset. This result contributes to understand property of the
windowing approach.
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Fig. 1 Growing and Windowing approach
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Table 1 Weighted functions

Name

Formula

Rectangular (Uniform)
Triangular
Epanechnikov

Gaussian

W(z)=1,lz| <1
W(x)=1—|z|,|z| <1
W(z)=1-22|z| <1
W (z) = exp(—(2.52)%/2)
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Table 2 Summary Statistics for Ratio-scaled Variables (CSC)

Variable Mean Median  StDev Min Max
Size 394.8 258.2 388.3 30.0 2075.8
Effort 2461.0 1650.0 2575.0 219.0 15670.0
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03 MaxwellDOODOOOOOOO (DOO)
Table 3 Summary Statistics for Ratio-scaled Variables

(Maxwell)

Variable Mean  Median StDev Min Max
Size 654.6 377.0 796.9 48.0 3643.0
Effort 8426.0 5190.0 10794.7 583.0 63694.0
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Table 4 Summary Statistics for Ordinal-scaled Variables

(Maxwell)
Variable | Very Low Low Normal High Very High
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0 5: window O 00O MMRE (CSC)
Table 5 MMRE with different window sizes (CSC)

window oogd
O gooo Triangular  Rectangular  p-value
10 84 0.626 0.552 0.004
15 78 0.522 0.562 0.603
20 71 0.465 0.480 0.233
25 69 0.443 0.431 0.893
30 64 0.454 0.447 0.894
35 60 0.403 0.403 0.895
40 53 0.393 0.427 0.217
45 39 0.395 0.457 0.065
50 31 0.428 0.485 0.969
55 30 0.482 0.471 0.349
60 26 0.472 0.438 0.086
65 23 0.466 0.450 0.976
70 20 0.488 0.495 0.478
75 16 0.522 0.535 0.070
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0 6: window 0000 MMRE (Maxwell)
Table 6 MMRE with different window sizes (Maxwell)

window oo
0 gooog Triangular  Rectangular  p-value
10 37 0.828 0.705 0.035
15 29 0.610 0.582 0.469
20 23 0.566 0.716 0.605
25 19 0.417 0.460 0.546
30 13 0.358 0.358 0.917
35 10 0.411 0.463 0.333
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