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Segmentation of medical images
by efficient spectral clustering
with watershed presegmentation

TomoTAKA TANAKATL Tomoyva Sakarf?

Abstract: This paper presents a method of reducing computational cost of segmentation for medical images.
Pixels are represented as a point set in a feature space of positions and values of pixels. Spectral clustering
finds the image segments as linearly nonseparable clusters. Computational cost of spectral clustering is in
the construction of affinity matrix and eigenvalue decomposition, which can be reduced by pre-clustering.
our method, uses watershed segments as pre-clusters, to achive fast pre-clustering and avoid determining the
number of clusters, taking account of image edges. To comfirm the advantages of our method, We evaluate
the performance of our method in MR brain image segmentation by comparing to spectral clustering with
k-means preclustering.
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