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Abstract: In MapReduce, Map phase outputs intermediate key-value pairs which are grouped based on their
keys, and each group is assigned to one of Reduce tasks. If occurrence frequency of each intermediate key is
skewed, the amount of data to be processed on each Reduce task can also be skewed. This is called as “data
skew”. In this paper, we propose a new technique which is compliant with the MapReduce programming-
model and applicable regardless of MapReduce cluster size to alleviate such data skew of Reduce phase.
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Fig. 5 Count-information aggregation algorithm of SD.
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EFHEM: U % Job BIBERICIEE, RWIEIETOZIV—T% “KROE 7 V-7 L LTHD
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3
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5
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TV—"T g BB LT A ZEHL,

KD S “HFENER TN — T & LTI

10: K4 XTI NV—T g ORVIDOFENRE xgn ZRE, dg & —fgp [THIIL
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12: end for

6 SD &% 7V — 7o EH & or IR EE

Fig. 6 Group division and division factor calculation algorithm of SD.
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Fig. 7 Group division deciding process.
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Fig. 8 Partitioning based on division information.
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Fig. 9 Input data for estimation.
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