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Application of Tempolal Difference Learning
to Computer Daihinmin

Sarosur KoNuma, ™ TAKERU HONDA, 213
Kuntarro Hoki™ and TETSURO NisHINOTL

In recent computer Daihinmin (a Japanese shedding-type card game), atten-
tion is being paid to Monte-Calro (MC) methods. The MC method is often
used to solve reinforcement learning problems. Here, diversified playouts using
pseudorandom numbers are generated, and game results in the playouts are
statistically processed for a better prediction. In this paper, we enhance the
performance of the MC method by utilizing evaluations of game states still in
progress. The proposed method is designed by using an idea provided from
temporal difference (TD) learning, one of the successful methods in reinforce-
ment learning. That is, our method discounts distant-future influences from the
statistical processing for a better prediction. An implementation based on our
method won the first prize in the 6th UEC computer Daihinmin championship
(UECda-2011).
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