Vol.2011-CG-145 No.5

gooooooooon Vol.2011-CVIM-179 No.5
IPSJ SIG Technical Report 2011/11/17
1. O a
odoobogooooobobodgooond 00000000000000,0000000000000000000000000
. gobooboooobobogo, bbb booobbobo, bbb obo
O oo o oo oot oo g of 0,00000000000000Y%, 000,000000000000000000
gobooooboobobooo, bbb uodbboobboooboobboobo
0D0000000000000000,000000000000000000 noooodod.
00000000, 00000000000000. O00DUoo0O0,0000000 gooboooo,b0booo0bobooobboobobbooobo.booboboooo
noooooooooooooonoooon. ooonoo, ooooonoonoo 00000000000,0000000000000000000000,000000
Joo0ooooooooO0,000000oooooooooooooooOo, SIFT
i 000000,0000000000000,00000000000000000000
00000o0oo0o0o0oooo,000o00o0ooooooooon. gooboooooooboooooobooboo. bogoobooboboooooooboobooag,
goobooooobooo.
Pitching Motion Analysis Using Image Processing ooobodoo, Doudobodooouoooooodood. ooooodood
goooOoooooooooo,0bo0o0bobooo0oo0oboooooDooboooooo, o
SHINYAKASAHARA,TIISSEIFUJISHIRO“ gooooooo SIFrooooofd0gooooooooooooo,booooooo.
and YOSHIO OHNOT2 0000,0000000000000,300000000000000000000
00.40000000000000DO,5000000000000.000,60000
At present, analysis of pitching motion from baseball videos is time- 0oo0o0boOopoooo,700000b0DOO0OD,b000DObOOoOoDOO.
consuming since it is often performed manually by experts with professional
knowledge and expertise. In this article, we propose a method to detect the 2. 0000

habit of a pitcher effectively from a strategical perspective. We focus on the
direction of a glove that is most likely to be detected as a habit. We track the
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known for his habit and proved the effectiveness of our method.
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Fig.2 Straight (left) and fork ball (right).
The pitcher has a habit to be close con-
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Fig.1 Straight (left) and breaking ball
(right). The pitcher has a habit in

terms of the directions of the glove and . .
tact with the glove when throwing a

arm. fork ball.
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Fig.3 The gradient direction histograms for a straight (left) and a breaking ball (right). The gradi-
ent directions are concentrated around 60 degrees and 240 degrees when he throws a straight,
while they are concentrated around 30 degrees and 210 degrees when throwing a breaking
ball.
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Fig.4 Background image created by the weighted mean (left) and a result of background differenced
image (right). The background differencing with the weighted mean made the background

removed while leaving the background.
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while underSimulation do
for all particle do
calculateLikelihood
end for
doSIFT
calculateOpticalFlow
for all particle do
doResampling
doPredicting
end for
end while

calculateSimilarity
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Fig.5 Histograms between the same stuff (left) and the different stuff (center, right). The same stuff has a high degree of similarity

whereas the different stuff a low degree of similarity.
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