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Learning Shogi evaluation functions by semi-supervised learning

SHINYA HAYASHI "1 AKIRA URA ,72 MAKOTO Miwa , T3
KENJIRO TAURA ™ and TAKASHI CHIKAYAMA 12

Recently, shogi evaluation functions are usually trained by using professional players’ game records.
However, the number of the game records is limited, and it is difficult to train the features in the positions
which rarely appear in the game records. This research proposes a method to apply a self-training algorithm
to train the evaluation functions. Self-training is a semi-supervised learning algorithm, and, with the algo-
rithm, our method can train evaluation functions using reliable positions in self-play records, in addition to
the professional players’ game records. The reliable positions are selected by using the difference of the
evaluation scores between the best move and the second best move. Our method is evaluated by comparing
the player trained with our method to one trained with supervised learning. The experimental results show

that the player trained with our method can acheive a 56.8% winning percentage.
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