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fig. 1 sub-regions for the extraction of the descriptor.
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fig. 2 Haar wavelet types used for our process.
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fig. 3 sub-regions for calculate(D) (G).
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fig. 5 The recall vs. (1-precision) graph for match
by the Euclidean distance between the feature vectors.
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fig. 7 The recall vs. (1-precision) graph for match
by the ratio with the second nearest neighbor.
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fig. 8 Correspondency between the feature points
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fig.9 The upper section :
image. The lower section : Difference vector on image.
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fig. 10 Two-dimensional probability distribution
with the weight.
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fig.11 A change of the peak height
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flg. 12 Cou rse of Tsukuba Challenge2010
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fig. 13 The image which was took in each scene
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fig. 14 The matching result of a fine day and the cloudy day.
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fig. 17 The recall vs. (1-precision) graph for

a fine day and a cloudy day.
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fig. 16 The height of the peak in
a fine day and a fine day.

IS4-58 : 1681



