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Adaptive P+A
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1 Map compression task.
(a) An original map. (b) A graphical representation of the map compression task. ”Naive”, ”Preemptive”,
” Adaptive” and "P+A” are four different map-matching algorithms. Each green and blue node respectively
indicate a map and a transformation. The bottom node at (0,0) corresponds to the original input map. As a result
of a map-matching process, each map is explained by two or three smaller submaps and a transformation. (c¢) A
collection of maps learned during an entire task. (The details are better seen by zooming on a computer screen.)

(d) The decompressed map.
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2 Map compression process (left and middle: before and
after a map matching process. right: output maps.
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4 Compression performance (res: 0.1m).
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6 Performance for coarse resolutions.
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